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Abstract

Honesty is perceived as fundamental to societal functioning, motivating education sys-
tems worldwide to enforce strict oversight and impose heavy penalties for dishonest
behavior. Yet much academic misconduct remains unexposed, and its broader conse-
quences are further obscured by the sorting of individuals into careers based on probity.
Applying advanced plagiarism-detection algorithms to half a million publicly available
graduate dissertations in China, we uncover previously hidden misconduct and vali-
date it against incentivized measures of honesty. Linking plagiarism records to rich
administrative data, we document four main findings. First, plagiarism is pervasive
and predicts adverse political selection: plagiarists are more likely to enter and advance
in the public sector. Second, plagiarists perform worse when holding power: focusing
on the judiciary and exploiting quasi-random case assignments, we find that judges
with plagiarism histories issue more preferential and lower-quality rulings — effects
muted by trial livestreaming. Third, plagiarizing judges generate spillovers to other
judges and lawyers. Fourth, exploiting the staggered adoption of detection tools, we
demonstrate that enforcing academic integrity leads to no change in political selection
and modest improvements in subsequent professional conduct.
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1 Introduction

Institutions act through people. Organizations, rules, or social norms play a fundamental
role in influencing behavior, but they are ultimately created, maintained, and shaped by
the actions of individuals (Knack and Keefer, 1997; Bertrand and Schoar, 2003; Caselli and
Morelli, 2004; Besley, 2005; Jones and Olken, 2005). Whenever discretion is required, the
effective functioning of an institution hinges on the personal probity of those entrusted to
uphold it: judges rendering impartial decisions; tax officials accurately assessing liabilities;
politicians crafting policies in the public interest; CEOs transparently disclosing corporate
finances; NGO managers directing resources to their stated objectives; researchers faithfully
reporting their findings — and so on. The demand for probity is particularly acute in the
public sector, as surveys worldwide consistently identify “dishonesty” as the most prevalent
criticism of politicians and civil servants.!

Given the high value placed on probity, most societies strive to screen out dishonest indi-
viduals and instill strict ethical norms from a young age. Education systems worldwide not
only promote these values tirelessly but also enforce stringent oversight and severe penalties
for academic misconduct through honor codes. Under such codes, a single instance of pla-
giarism of academic work can easily result in expulsion, and even celebrated professionals
risk public disgrace years later if past misconduct comes to light.? Despite such high-stakes
rules and their perceived importance, there exists little rigorous evidence on the prevalence
of academic misconduct, and its long-run societal implications.

Empirically studying this topic is notoriously challenging. First, there is an obvious data
constraint: to determine whether academic misconduct predicts future outcomes, such as
career trajectories or unethical professional behavior, researchers must observe previously
undetected academic misconduct — otherwise one would not be able to disentangle the
effects of hidden dishonesty from those of punishment following detection; however, by defi-
nition, undetected academic misconduct is oftentimes unobservable to researchers. Second,
identification is also challenging: to assess what societal costs arise when academically dis-
honest individuals occupy positions of responsibility, one must compare their performance

with honest peers in identical roles, yet these two types of individuals tend to endogenously

IFor example, see: PEW global survey.

2Some high-profile examples include Martin Luther King Jr., whose doctoral dissertation was found to
contain plagiarized passages; former Harvard president Claudine Gay, who resigned in 2024 following scrutiny
of her dissertation and published work; U.S. President Joe Biden, who acknowledged plagiarism in a 1965
Syracuse Law School paper — an issue that resurfaced during his 1987 presidential campaign; and several
European politicians — including Germany’s Karl-Theodor zu Guttenberg and Annette Schavan, as well
as Hungary’s former president P4l Schmitt — who lost their doctoral titles and government positions after
plagiarism investigations.


https://www.pewresearch.org/global/wp-content/uploads/sites/2/2024/03/2024.03.13_democracy-open-end_report.pdf

sort into diverging career paths and undertake incomparable tasks.

In this paper, we examine China — the country with the world’s largest higher-education
system and state sector — and tackle the empirical challenges outlined above by uncovering
previously hidden academic misconduct and assessing its societal implications. We construct
a novel metric of academic dishonesty by applying recently developed plagiarism-detection
algorithms to 519,292 publicly available graduate dissertations. Each dissertation is scanned
against the entire pre-existing academic corpus using advanced text-matching techniques
that capture not only direct plagiarism but also paraphrasing and partial matches, while
filtering out false positives such as quotations from canonical or authoritative works. Be-
cause dissertations are compulsory for graduation and legally mandated to be public, our
approach provides a clear, comprehensive, and objective assessment of high-stakes violations
of academic integrity. In our sample, 23.4% of dissertations exceed a 10% plagiarism rate —
the most commonly used cutoff for degree conferral by universities today.

To validate this measure, we link it to original survey data that we collected on the
traits and beliefs of experienced professionals. Importantly, we find that dissertation pla-
giarism is most strongly associated with dishonesty elicited in incentivized cheating tasks
(Hanna and Wang, 2017; Barfort et al., 2019). It is otherwise (a) generally uncorrelated
with stated measures of dishonesty (except for stated acceptance of academic misconduct);
(b) only marginally associated with neuroticism and disorderliness, while remaining un-
correlated with other personality traits such as opportunism, ambition, risk tolerance, or
prosocial motivation; and (c¢) marginally negatively correlated with ability measures such as
GPA, while not systematically correlated with demographic characteristics.

Overall, these survey-based patterns suggest that, to a first-order approximation, disser-
tation plagiarism captures an individual’s propensity for dishonest conduct. Nevertheless,
to remain conservative in our interpretation, we refrain from making broader claims about
underlying traits and instead refer to our measure either literally as plagiarism history or,
in effect, as academic dishonesty — understood as realized behavior rather than an inherent
personality trait per se.

Drawing on this novel measure, we document a series of empirical findings. First, linking
dissertation plagiarism to comprehensive rosters of public officials, we uncover systematic ad-
verse political selection on probity along both the extensive margin (entry into public service)
and the intensive margin (career advancement within public service). Among classmates in
the same university, major, and cohort, those who enter public service exhibit a 1.3 percent-
age point higher plagiarism rate than their private-sector counterparts, representing a 16.6%
increase relative to the baseline average. This pattern is particularly pronounced among tax

and customs officials, as well as in less developed and more corrupt regions. Conditional on



entry, and within the same government unit and cohort, dissertation plagiarism is positively
and significantly correlated with promotion over the subsequent five years — an effect that
remains robust after controlling for seniority, experience, and educational background.

Second, motivated by the prevalence of academically dishonest individuals in the public
service, we examine the consequences of placing such actors in positions of power. We focus
on the judicial system as a proof of concept — a neat context in which high-stakes decisions on
similar cases are regularly assigned to different judges.? Using more than 140 million publicly
available court verdicts and exploiting quasi-random case assignment, we show that, for
otherwise similar lawsuits, those adjudicated by judges with plagiarism histories — relative
to those handled by non-plagiarizing peers — are more likely to yield preferential rulings
favoring the government over citizens and large/state-owned firms over small/private firms.
These rulings are associated with lower judicial quality, as reflected in higher appeal rates,
greater reliance on discretionary legal codes, and thinner judicial reasoning. Consistent
with potential corruption or bias, plagiarizing judges are also more likely to face subsequent
investigations and disciplinary actions. Importantly, these differential ruling patterns are
attenuated when trials are livestreamed to the public, suggesting that they reflect strategic
responses rather than inherent differences in preferences or ability.

Third, we document that plagiarists generate significant spillover effects in public ser-
vice, again using the judicial system as an example. We show that new judges assigned to
academically dishonest senior mentors gradually assimilate their ruling patterns, indicating
horizontal spillovers across judges. We also document vertical spillovers between judges and
lawyers, showing that plagiarizing lawyers become differentially more effective when their
cases are exogenously assigned to plagiarizing judges. These findings suggest the poten-
tial existence of multiple equilibria in judicial behavior, depending on the baseline share of
plagiarizing judges.

Fourth, we examine how enforcing academic integrity in schools affects plagiarism, politi-
cal selection, and institutional performance. Exploiting the staggered adoption of plagiarism-
detection algorithms by universities, we show that these tools significantly reduce disserta-
tion plagiarism, with part of the decline reflecting increased bunching near degree-conferral
thresholds. This reduction has no detectable impact on political selection: students with
higher plagiarism rates remain more likely than their classmates to enter public service.

Meanwhile, judges from cohorts exposed to stricter screening subsequently issue marginally

3Judges are a specialized category of civil servants in civil law countries, including China. This contrasts
with common-law systems (e.g., the U.S. and U.K.), where judges are typically appointed from among
experienced lawyers and are institutionally separate from the civil service. Accordingly, throughout this
paper we use “public official” or “public servant” as broad terms encompassing both judges and other civil
servants.



fewer preferential rulings, suggesting that adherence to academic honor codes may modestly
improve long-run institutional performance.

Taken together, our findings suggest that academic dishonesty is widespread and strongly
predicts political selection on both the extensive and intensive margins. Without adequate
screening at the selection stage and sufficient on-the-job checks and balances, academically
dishonest individuals can occupy positions of power and shape institutional performance
— both through their own behavior and by influencing norms that affect others. Stricter
enforcement of academic honor codes can partially mitigate these effects.

This paper relates to three strands of literature. First, it contributes to the economics
research on probity, where scholars have long argued that individual honesty underpins
institutional functioning (Knack and Keefer, 1997; Besley, 2005; Fisman and Svensson, 2007).
A burgeoning literature has devised creative ways to elicit honesty in laboratory settings
(Gneezy, 2005; Fischbacher and Follmi-Heusi, 2013; Abeler et al., 2014), demonstrating
correlations between such measures and economically or politically relevant outcomes (Hanna
and Wang, 2017; Barfort et al., 2019; Olsen et al., 2019). Our paper contributes to this line
of inquiry by constructing a real-world, high-stakes, and objective measure of academic
dishonesty based on 519,292 graduate dissertations — an approach potentially scalable to
over ten million post-secondary degree holders in China and beyond — and validating it using
an original survey showing that past plagiarism strongly predicts dishonesty in incentivized
tasks. In a related and important study of the private sector, Fisman et al. (2025) document
a strong correlation between doctoral dissertation plagiarism and corporate malfeasance
among 271 leaders of publicly listed companies. We complement this work by examining
the public sector, documenting both adverse political selection and the causal consequences
once academically dishonest individuals assume positions of power, with the latter operating
through both individual decisions and spillovers to others.

Second, our findings contribute to the literature on political selection, which emphasizes
the roles of institutions, motivations, patronage, incentives, and preferences for stability in
shaping entry into the civil service (Caselli and Morelli, 2004; Dal B6 et al., 2009; Besley
et al., 2011; Ferraz and Finan, 2011; Buurman et al., 2012; Gagliarducci and Nannicini,
2013; Dal Bo et al., 2013; Banuri and Keefer, 2016; Xu, 2018; Colonnelli et al., 2020; Casey
et al., 2021; Weaver, 2021). Evidence on selection based on honesty is mixed: Hanna and
Wang (2017) and Cruces et al. (2023) document adverse selection in India and Argentina
respectively, whereas Dal B6 et al. (2017) and Barfort et al. (2019) find positive selection
in Scandinavian countries, suggesting that selection patterns depend on underlying levels
of development and institutional quality. Our results in China echo this cross-country het-

erogeneity. On average, we find pronounced adverse selection on probity along both the



extensive and intensive margins, with effects that are substantially stronger in less devel-
oped and more corrupt regions than in their richer and more transparent counterparts.*

Third, our findings speak to the long-standing economics literature on corruption, which
emphasizes both its importance for development and the institutional determinants of its
prevalence (Shleifer and Vishny, 1993, 1998; Mauro, 1995; Besley, 2005; Fisman and Gatti,
2002; Svensson, 2003; Fisman and Svensson, 2007), and has increasingly incorporated micro-
level evidence (Olken, 2007; Bertrand et al., 2007; Ferraz and Finan, 2008, 2011; Brollo et
al., 2013; Avis et al., 2018; Chen and Kung, 2019; Colonnelli and Prem, 2022). We contribute
in two ways. First, we highlight the role of individual virtue, providing new evidence that
dishonest behavior in school predicts high-stakes, long-run professional conduct in public of-
fice. Second, we document how plagiarizing individuals shape the behavior and performance
of their peers, underscoring the role of social norms in sustaining corrupt practices.’

The remainder of the paper is organized as follows. Section 2 describes the institutional
background. Section 3 introduces the data and presents descriptive evidence on dissertation
plagiarism in China. Section 4 examines political selection on probity. Section 5 analyzes
the causal impact of dishonest officials on institutional performance, both through their own
actions and through spillovers to peers. Section 6 exploits the staggered rollout of anti-
plagiarism policies across universities to study their effects on plagiarism, political selection,

and subsequent institutional performance. Section 7 concludes.

2 Background

2.1 Graduate Dissertations in China

China has the largest higher education system in the world and has expanded rapidly in
recent decades, now awarding more than 12 million tertiary degrees each year. Of these,
roughly 0.9 million are graduate degrees (master’s or doctoral), while the vast majority are
bachelor’s degrees.

Within this system, the completion and defense of a thesis is a mandatory requirement
for the conferral of bachelor’s, master’s, and doctoral degrees, making it a pivotal milestone
in higher education. Before the 2010s — when most academic work existed primarily in print
and plagiarism-detection tools were still rudimentary — some students sought shortcuts by

copying material from obscure papers or theses, hoping that reviewers would be unable to

4In the Chinese context, this negative selection on probity also complements prior evidence of positive
political selection on ability and family background (Li et al., 2024; Ang et al., 2025).

>Our finding that greater transparency reduces preferential rulings also relates to research on how media
mitigates agency problems (Sen, 1999; Besley and Burgess, 2002; Stromberg, 2004; Qin et al., 2017).



trace the original sources. As a result, despite strong emphasis on academic integrity by the
Ministry of Education (MOE) and universities — and the threat of severe penalties such as
degree revocation — plagiarism in dissertations has remained a persistent issue.

To promote checks and balances, the MOE mandated that all dissertations be made avail-
able for public scrutiny. In practice, however, this transparency requirement has not been
uniformly enforced for bachelor’s theses — universities typically maintain private archives
that are accessible only upon request. For graduate dissertations, by contrast, the MOE
designated a centralized repository for all universities: the China National Knowledge In-
frastructure (CNKI), a state-owned enterprise that now serves as China’s largest academic
database and the primary repository for graduate-level work.%

Through its China Doctoral Dissertations Full-text Database and China Master’s Theses
Full-text Database, CNKI has archived more than 6 million graduate dissertations dating
back to 1984, offering full-text access, daily updates, and a typical publication lag of about
1.5 months after degree conferral. Its coverage has become increasingly comprehensive over
time, encompassing more than 70% of all graduate dissertations in the 2010s.

Incomplete coverage arises for different reasons across periods. In earlier years, technical
constraints — such as the absence of scanned copies — limited inclusion. In more recent
years, missing cases primarily reflect institutional choices, as some universities opt to disclose
dissertations through alternative platforms rather than CNKI. Importantly, such gaps occur
at the university — year level, leaving little scope for individual-level self-selection.

Taken together, CNKI’s scale, timeliness, and centralized access make it an exceptionally
comprehensive and powerful resource for monitoring academic work nationwide. Moreover,
given that our main analysis focuses on the post-2010 period and compares individuals
within narrowly defined university — major — cohort clusters, sample coverage is relatively
comprehensive, and any remaining selection operates at the university level and is effectively

held constant.

2.2 Plagiarism Detection

In addition to archiving millions of graduate dissertations, CNKI operates the Academic
Misconduct Literature Check (AMLC) system, a plagiarism-detection platform that scans
submissions against its extensive digital corpus, offering advanced text-matching capabilities

and generating detailed similarity reports that flag overlapping content. Developed in 2008

6CNKI is the default repository for graduate dissertation disclosure, though some universities may “opt
out” and make their dissertations available through other platforms, such as the National Library’s disser-
tation repository or their own institutional library systems. These are not included in CNKI and could be
analyzed by future researchers.



and initially piloted at select universities, AMLC saw relatively limited uptake in its early
years. Following the MOE’s push for stricter enforcement of academic integrity in the late
2010s, adoption accelerated markedly, and AMLC has since become the most widely used
plagiarism-detection system in China, with hundreds of universities now relying on its results
to make high-stakes degree-conferral decisions.

AMLC is distinguished by several features that underpin its effectiveness. First, it draws
on a comprehensive corpus spanning journals, books, conference proceedings, theses, news-
papers, patents, standards, encyclopedias, and web content, enabling plagiarism detection
based on broad and systematic source coverage. Second, it offers precise temporal con-
trol, allowing comparisons against sources published prior to a specified cutoff date and
thereby approximating plagiarism at the time of writing. Third, its algorithms — assisted
by cutting-edge large language models — are designed to detect more sophisticated forms
of misconduct, including paraphrasing, cross-source “patchwriting,” synonym substitution,
and even translation, thereby reducing false negatives. Fourth, AMLC filters out legitimate
overlaps such as properly cited quotations, self-citations, and quotations from legal codes
or policy documents, reducing false positives. These strengths are well recognized in the
market: while most other plagiarism-detection tools are either free or cost less than a dollar
per dissertation, AMLC is significantly more expensive, at about US$20 per thesis.

Enabled by advances in plagiarism-detection technology, policies governing academic
integrity evolved in parallel, giving rise to a formal and increasingly detailed framework to
deter misconduct in higher education. A first cornerstone — “the Measures for Handling
Academic Degree Thesis Fraud (2013)” — empowered universities to revoke degrees and
sanction responsible parties based on evidence of plagiarism.” Since 2016, AMLC (and, to a
lesser extent, other plagiarism-detection tools) has been adopted in a staggered manner by
hundreds of Chinese universities, becoming the de facto mechanism for upholding academic
integrity. A detailed 2019 policy issued by the State Council further clarified definitions and
penalties for plagiarism, fabrication, falsification, and other breaches of research integrity,

enabling more coordinated enforcement across government agencies and universities.®

Students’ Awareness of and Access to CNKI Plagiarism Detection Tools. CNKI'’s
plagiarism-detection system was gradually rolled out to universities after 2013, but students
had very limited access to it throughout most of our sample period. Crucially, CNKI did
not offer its detection service to individuals until June 2022. Prior to that, access was

effectively restricted to university administrators, with only a small black market — operated

"These standards were reinforced by the 2014 “Opinions on Strengthening Graduate Education Quality
Assurance” (in Chinese).
8See: Source.


http://www.moe.gov.cn/srcsite/A22/s7065/201402/t20140212_165554.html
http://www.moe.gov.cn/srcsite/A22/s7065/201402/t20140212_165554.html
https://english.www.gov.cn/policies/policywatch/201910/23/content_WS5dafad68c6d0bcf8c4c15981.html

informally by clerks in university anti-plagiarism offices — providing checks at prohibitively
high prices (often several thousand yuan per report). Thus, while many students were likely
aware of the algorithm’s existence, they were rarely able to use it themselves, rendering
strategic adjustment of dissertations largely infeasible. Consistent with this interpretation,
our results remain robust when restricting the sample to the early years of the period, before
the algorithm was widely adopted by universities; moreover, we detect bunching of plagiarism
rates just below degree-conferral cutoffs only after 2022. We further examine such strategic

responses in Section 6.1.

Public Awareness of Plagiarism Detection. Beyond internal academic oversight, CNKI’s
dissertation databases and plagiarism-detection tools have enabled public scrutiny of theses
authored by officials and public figures, often with tangible institutional consequences. In
2024, Nanjing University confirmed that the master’s thesis of Liu Sailian, a vice president
of the Yingtan Intermediate People’s Court, contained plagiarism, following a complaint
supported by CNKI similarity checks.” Earlier, Hunan University announced an investiga-
tion into allegations that two former doctoral students — then serving as provincial officials,
including the director of the political department of the Hunan High People’s Court — had
plagiarized substantial portions of their dissertations.!® Outside the public sector, actor
Zhai Tianlin had his doctorate revoked by the Beijing Film Academy after an investigation
into academic misconduct.'’ Even Dr. Zhang Wenhong, a prominent infectious disease ex-
pert who gained prominence during China’s COVID-19 response, faced online accusations in
2021 that his 2000 doctoral dissertation contained plagiarized passages, prompting a formal

review by Fudan University.'?

Taken together, the combination of centralized dissertation repositories and CNKI’s
AMLC system has made plagiarism detection in China exceptionally powerful. Because
nearly all graduate theses are publicly accessible and can be scanned against CNKI’s vast
digital corpus, misconduct — past or present — can be uncovered with a precision and scale
unmatched in most other contexts. As numerous high-profile cases have shown, dissertation
plagiarism is no longer an obscure academic infraction but a high-stakes societal issue, capa-
ble of prompting degree revocations, ending careers, tarnishing institutional reputations, and
eroding public trust. This unique environment therefore offers an unprecedented opportunity

to study academic integrity and misconduct at scale.

9See: source (in Chinese).
10See: source (in Chinese).
HSee: source.
128ee: source.
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https://www.scmp.com/news/china/science/article/3146077/chinas-dr-fauci-zhang-wenhong-cleared-thesis-plagiarism

2.3 China’s Public Sector

Civil service positions are among the most coveted and prestigious careers in China, reflecting
a long bureaucratic tradition that prizes administrative talent and public service. Histori-
cally, entry into government was determined through the imperial Keju examination system:;
today, that legacy persists in a modern system that continues to emphasize educational
credentials and performance on civil service exams.

Access to these positions is highly selective. Applicants must hold at least an undergrad-
uate degree — often from a leading university — and certain positions require specific fields
such as law, economics, or public administration. For national-level civil service positions
(including central government units and their local branch offices) — the focus of this paper
— the primary gateway is the National Civil Service Examination (NCSE), an extremely
competitive test introduced in the 1990s to assess candidates’ knowledge of law, policy, and
analytical ability. Fewer than two percent of the more than one million applicants succeed
each year, and those who pass must undergo additional interviews and background checks
before appointment.

To ensure fairness and prevent corruption in recruitment, the results of the NCSE are
publicly disclosed on government websites, making the civil service one of the most trans-
parent and closely scrutinized career pipelines in China. Specifically, government units are
required to post standardized public announcements listing successful candidates’ names,
universities, cohorts, majors, exam scores, and rankings, and in some cases additional demo-
graphic information such as gender, age, and hometown.

Once appointed, civil servants occupy a central place in China’s governance structure.
Even at the grassroots level, they exercise considerable discretion in implementing policy,
allocating resources, and communicating local conditions to higher authorities. Because
senior leadership positions are filled through internal promotion rather than elections, these
officials form the talent pool from which future policymakers emerge. The civil service thus
functions not only as the administrative foundation of the state but also as the pathway

through which China’s political elite is continually renewed.

2.4 China’s Judicial System

In China, the judiciary is not a separate, coequal branch in the Western sense but part of
the state apparatus under Communist Party leadership. The selection and career paths of
judges closely mirror those of the broader civil service: judges are, first and foremost, career
officials (Ng and He, 2017). Entry requires passing the civil service exam, and judges hold

civil-service ranks and pay scales and are evaluated, promoted, and transferred much like



officials in other government departments.

At the same time, judges are expected to possess legal expertise. In the 1980s and 1990s,
many were transferred from the military or other government agencies and lacked formal
legal training. To address this, China introduced the National Judicial Examination in 2002
— now part of the National Unified Legal Professional Qualification Examination — as a
prerequisite for judges, prosecutors, and attorneys. This reform gradually raised professional
standards; today, nearly all newly appointed judges are law graduates who have passed the
exam.

With no jury arrangement and no legally binding precedent, judges in China’s civil
law system wield substantial discretion in adjudicating individual cases. They investigate
evidence, determine facts, apply statutes, and issue judgments. Most cases are decided by
a single judge, while more complex or high-profile cases are heard by three-judge collegial
panels. Even in such panels, a designated “responsible judge” typically oversees the case
from start to finish and drafts the judgment, thereby significantly shaping the outcome. As
a result, the effectiveness and fairness of China’s judiciary depend heavily on the incentives,

professionalism, and integrity of judges at the local level.

3 Data and Descriptive Facts

This section describes the data and measurement strategy. We begin with the universe of
graduate dissertations downloaded from CNKI and explain how we convert that universe
into our baseline analysis sample by matching dissertation authors to the roster of success-
ful National Civil Service Examination (NCSE) candidates and then drawing a comparison
sample of classmates. We next introduce supplementary administrative datasets that allow
us to follow matched individuals into later careers and institutional settings. We then ex-
plain how plagiarism is measured using CNKI’s official detection system, present summary
statistics, and finally use an original incentivized survey of experienced professionals to shed

light on what the plagiarism measure captures.

3.1 Sample Construction

Our starting point is the full universe of more than 6 million master’s and doctoral disser-
tations publicly disclosed through the CNKI platform. For each dissertation, we collect the
full text and associated metadata, including author name, university, degree type, field, and
year.

We then match this dissertation universe to the publicly disclosed rosters of 347,531

10



candidates who passed the National Civil Service Examination (NCSE) between 2014 and
2022, the main entry route into nearly all entry-level central government positions.'® Scraped
from official government websites, these rosters record each candidate’s name, university,
gender, graduation year, and, when available, major and exam registration region.

We match CNKI and NCSE records based on exact agreement in Chinese name (first and
last name), cohort, and university, supplemented by temporal consistency (the graduation
year must precede the exam year). To reduce false positives arising from common names, we
exclude the top 1,000 most frequent names, which account for 3.9% of the population. This
first-pass linkage identifies 127,457 NCSE passers with a graduate dissertation in CNKI, of
whom 66,433 are non-judicial civil servants and 61,024 are judges.'*

The primary reason many NCSE passers do not appear in the CNKI database is that
they hold only a bachelor’s degree and therefore have no graduate dissertation in CNKI.
In addition, some individuals with graduate degrees may have dissertations archived in al-
ternative repositories rather than CNKI, a decision determined at the university — cohort
level rather than by individuals. Because our empirical strategy compares narrowly defined
classmates within the same university —major — cohort cells, neither source of non-matching
is likely to introduce systematic bias into our estimates.

These matched civil servants form the public-sector anchor of our baseline sample. To
construct a comparison group, we identify their classmates within the same university —cohort
cells in the CNKI dissertation universe and randomly sample 391,835 individuals from this
pool. This yields a final baseline sample of 519,292 dissertations.!> Because this NCSE-
based design focuses on new entrants, it naturally excludes senior officials who obtained
graduate degrees mid-career through part-time or in-service programs and are therefore not
comparable to regular full-time graduate students.

Appendix C provides a flowchart of the matching procedure and documents how the

sample changes under alternative exclusion thresholds.

3.2 Supplementary Administrative Data

Having constructed the baseline dissertation sample, we bring in additional administrative

datasets to study subsequent career trajectories, job performance, and disciplinary outcomes.

13 Appendix Figure A.2 provides an example roster.

14 Judges account for a larger share because they are significantly more likely to hold graduate degrees
than non-judicial civil servants.

15Because the sample is deliberately built around individuals later observed in public service, it mechani-
cally oversamples future public-sector workers relative to the population of Chinese graduate-degree holders.
Accordingly, when our goal is to describe plagiarism in the broader population, we report reweighted esti-
mates alongside raw sample statistics.
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Civil servants’ careers. For the matched NCSE — CNKI sample, we construct a panel
of career outcomes by systematically collecting legally mandated public announcements of
appointments and promotions — scattered across numerous official channels — and by scrap-
ing official bulletins for records of disciplinary actions and corruption investigations. To our
knowledge, this yields the first comprehensive dataset on the career trajectories of entry-level
Chinese civil servants. It allows us to relate individuals’ dissertation plagiarism to subse-
quent promotions and the likelihood of corruption investigations. Appendix G provides
further details.

Judicial case records. To study institutional performance, we focus on judges in our
sample and analyze more than 140 million civil and administrative court decisions from
2014-2022, drawn from China Judgments Online (CJO), the official platform for court ver-
dicts. For each case, we extract structured information on courts, trial and ruling dates,
judges, clerks, litigants, court fees, dispute types, claims, rulings, and the court’s reason-
ing.'0

To measure judges’ performance, we focus on case outcomes. In civil and administrative
litigation, our primary metric is each party’s win rate, derived from the allocation of court

fees.!” Following Liu et al. (2023, 2025), we define:

CourtFee,
WinRate; = . .
7 CourtFee; + CourtFee;

Business registries. To characterize firms in the judicial data, we supplement our dataset
with business-registration records from Tianyancha, which licenses official data from the
State Administration for Industry and Commerce. We use information on ownership struc-

ture and registered capital to classify firms by ownership (e.g., SOE vs. private) and size.

3.3 Measuring Plagiarism

We next explain how we measure academic dishonesty for the dissertations in the baseline
sample.

As explained in Section 2.2, our measure is based on CNKI’s official plagiarism-detection
system, the same system widely used by Chinese universities to screen graduate theses. For
each dissertation in our analysis sample, the system compares the full text line by line against

the most extensive digital corpus in China, and flags not only direct copying, but also close

16 Appendix Figure A.1 illustrates a sample civil judgment.
TFor example, if the plaintiff prevails entirely, they pay 0% of court fees; a 50-50 split implies equal
success.
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paraphrasing, “patch weaving,” and translations, while filtering out citations and quotations
from classic or authoritative materials that would otherwise inflate false positives. Appendix
B describes the corpus and the key technologies used by the CNKI system in greater detail.

Figure 1 presents sample excerpts from CNKI plagiarism reports. These reports provide
standardized diagnostics at two levels. At the aggregate level, they summarize several key
statistics: (i) the overall percentage of text identified as overlapping, (ii) the maximum
overlap with any single source, and (iii) the total number of overlapping characters and
words. At a more granular level, they identify paragraph-by-paragraph matches to specific
sources in the reference corpus. Each flagged segment is highlighted and linked to the original
text, allowing us to distinguish wholesale verbatim copying from partial paraphrasing or
patchwriting.

Using these reports, we construct both an overall plagiarism rate and section-specific
measures for key parts of the dissertation, including the introduction, theoretical frame-
work, analysis, and conclusion. This allows us to distinguish relatively minor copying of
background material from more serious misconduct in a dissertation’s core sections. The re-

sulting measures are detailed, replicable, and comparable across institutions and over time.

3.4 Descriptive Statistics

Table 1 Panel A summarizes the baseline sample constructed above. Among the 519,292
dissertations we process through CNKI’s plagiarism-detection system, the average plagiarism
rate is 7.9%. This estimate is similar whether plagiarism is measured using the overall
duplication rate or more specialized section-level indicators.'® In the full sample, 24% of
dissertations exceed the 10% plagiarism threshold — the most commonly used cutoff for
degree conferral today — while 14% still exceed a more lenient 15% threshold. Taken
together, these figures indicate that dissertation plagiarism is widespread among graduate-
degree holders in China.

The descriptive patterns also preview the selection patterns studied later in the paper.
Dissertation plagiarism is more common among individuals who later enter the public sec-
tor than among their private-sector peers, and more common among graduates of non-elite
universities than among graduates of elite institutions. Plagiarism is also modestly higher
among women than among men, although later specifications suggest that part of this dif-
ference reflects institutional composition rather than within-school gender gaps.

Panel B of Table 1 reports additional background characteristics. In the baseline sample,

97% of individuals are Han, 0.3% received national scholarships during graduate school, 31%

18Because the baseline sample deliberately oversamples future public-sector workers, we also report
reweighted estimates: the nationally representative mean declines only slightly, to 7.4%.
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attended elite universities,'” 54% are female, and roughly one quarter eventually entered the

public sector.?”

3.5 Survey Evidence and Validation

The plagiarism rate detected by CNKI is the key variable in our main analysis. To interpret
our subsequent findings, it is important to understand what this measure captures—for ex-
ample, whether it primarily reflects persistent dishonesty, low academic ability, or a broader
combination of traits. To shed light on this question, we conducted an original incentivized
survey of experienced professionals.

The survey was conducted in collaboration with an elite legal research institute in China
during its recruitment process. As part of the application for a senior product manager
position, candidates were required to upload their master’s or doctoral dissertations to
demonstrate academic capability; we later used these submissions to measure dissertation
plagiarism. After completing the online application, applicants were invited to complete a
questionnaire on personality traits and dishonest behavior. They were explicitly informed
that their responses would be used solely for academic research by an independent team of
scholars and would not affect their job application outcomes.

Of the 443 applicants invited to participate, 387 completed the questionnaire, yielding
a response rate of 87%. Appendix Table A.1 compares respondents and nonrespondents
across gender, age, GPA, scholarship status, degree, employment status, top-tier university
attendance, and residence in a major city. We find no statistically significant differences
along any of these dimensions, suggesting that attrition is unlikely to bias the survey-based
analysis.

In the survey, we measure inherent probity in two ways. The first uses attitudinal ques-
tions about dishonest behavior, including whether most people would lie for personal gain if
they were certain they would not get caught, whether respondents would comply if a super-
visor hinted at skipping a formal compliance registration to save time, and how acceptable
they find hiring a professional ghostwriter to complete a dissertation.

The second follows standard approaches in experimental economics to elicit dishonest
behavior directly through an incentivized task (Fischbacher and Follmi-Heusi, 2013; Hanna
and Wang, 2017). Applicants privately rolled a die ten times and were paid according to

the number of reported sixes. Because the rolls were unobserved and unverifiable, only

194Flite university” refers to institutions designated by the Chinese government as top-tier universities
under the national Double First-Class” initiative or the earlier 985 and 211 programs in place at the time of
graduation.

20Because the comparison group is drawn from classmates of public-sector workers, the two sides of the
sample are mechanically similar in cohort, educational attainment, and field composition.
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the reported outcomes determined payoffs. Since the probability of rolling a six is fixed,
reporting unusually many sixes is informative about dishonesty in the aggregate.

In addition, the survey measured a series of other “Big 5”7 personality traits, including
openness, conscientiousness, extraversion, agreeableness, and neuroticism. The full survey
design and questionnaire are provided in Appendix D.

The survey results point to a clear pattern: plagiarism is most strongly associated with
incentivized dishonest behavior, while its correlations with other personality traits, ability

measures, and demographics are generally weak.

Plagiarism is most strongly related to incentivized dishonesty. Figure 2 Panel (a)
compares the distribution of dissertation plagiarism scores for “High Reporters” in the dice
task (those who reported more than two sixes) and “Low/Average Reporters” (those who
reported two or fewer). The distribution for High Reporters is clearly shifted to the right,
suggesting that individuals who plagiarized their dissertations years earlier are also more
likely to behave dishonestly in an incentivized setting today. The difference is especially
stark in the right tail: among individuals with plagiarism rates above 40%, very few report
low numbers of sixes. Figure 2 Panel (b), which standardizes all variables to facilitate
comparison, and Appendix Table A.2 show the same pattern in regression form. Dishonest
reporting in the dice task is by far the strongest predictor of plagiarism, a relationship
that remains significant at the 1% level even after controlling for a broad set of attitudinal,
psychological, demographic, and academic characteristics.

By contrast, stated measures of honesty generally do not predict plagiarism. The main
exception is acceptance of dissertation ghostwriting, which strongly predicts plagiarism. Be-
cause this question is especially close to the behavior of interest, it may capture either genuine
preferences over academic misconduct or motivated beliefs that rationalize one’s own past

behavior.

Other personality traits are at most weakly related to plagiarism. Beyond incen-
tivized dishonesty, most elicited personality traits show little systematic relationship with
plagiarism. In particular, traits such as opportunism, risk-seeking, time management, and
prosocial motivation are essentially uncorrelated with plagiarism. The main exceptions are
modest positive associations with neuroticism and modest negative associations with order-

liness, suggesting some limited relationship with emotional stability and self-discipline.

Ability and demographic characteristics have limited explanatory power. Indi-

cators of academic ability — such as GPA and scholarship status — are negatively correlated

15



with plagiarism in simple specifications, but these associations attenuate once university and
cohort fixed effects are introduced. Demographic characteristics are likewise weak predictors

overall.

Taken together, while plagiarism may marginally reflect differences in academic prepa-
ration or self-control, these correlations are modest relative to its much stronger association
with incentivized dishonest behavior. The survey therefore suggests that dissertation pla-
giarism primarily captures a durable propensity toward dishonest conduct. Nevertheless, to
remain cautious and avoid overgeneralization, in our subsequent analysis we conservatively
refer to the measure as literally plagiarism or “academic dishonesty” — understood as a
realized behavior observed in the data — rather than an inherent ez ante trait necessarily

possessed by the individual.

4 Plagiarism and Political Selection

As discussed in the previous section, probity may be systematically linked to political se-
lection in China. If present, such a relationship would be highly consequential for at least
three reasons. First, the public sector is a critical pillar of the Chinese economy and state,
employing roughly 70 million well-educated individuals who influence the well-being of 1.4
billion citizens. Second, there is no formal distinction between politicians and bureaucrats
in China, implying that top policymakers are drawn from the same pool of entry-level civil
servants. Third, probity is widely viewed as a key determinant of public service performance,
particularly in positions involving substantial power and discretion.

In this section, we investigate the relationship between probity and political selection by
tracking both entry into and career advancement within the public sector. On the exten-
sive margin (Section 4.1), we compare students who entered the public service — based on
mandated disclosures by recruiting government units — with their classmates in the same
university — major-cohort cells, testing whether dissertation plagiarism differs systematically
between the two groups. On the intensive margin (Section 4.2), we examine career pro-
gression within the public service, comparing promotion speed between public officials with
plagiarism records and their colleagues in the same unit and cohort who did not plagia-
rize their graduate dissertations. We also discuss alternative interpretations of our findings
(Section 4.3).
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4.1 Entry into the Public Service

As described in Section 3.1, we identify individuals who entered the public service between
2014 and 2022 and link them to their dissertations. We construct a control group by randomly
sampling classmates within the same university —cohort cells and measure plagiarism for both
groups using the same CNKI detection algorithm, ensuring comparability.

Using this sample of over half a million dissertations, we begin by comparing public-
sector entrants with their classmates who remain in the private sector. As shown in Figure
3, Panel A, entrants into public service are significantly more likely to have plagiarized their
dissertations, with this gap persisting across the upper half of the plagiarism distribution.
Panel B shows that this public — private difference remains stable over the past decade,
suggesting that the selection pattern persists even as awareness of plagiarism-detection tools
has increased — a theme we revisit in Section 6.

To quantify these patterns, we estimate the following model:
Plagiarism,,,,, = o - Civil, + A, + Y, + M + €ome (1)

where Plagiarism denotes the plagiarism score of individual ¢ from university ¢ and

iemt
major m, graduating in cohort ¢. Chwvil; is an indicator equal to 1 if individual ¢ enters
the public service upon graduation, and 0 otherwise. A., v,,, and 7, are university, major,
and cohort fixed effects, respectively.?! Standard errors are clustered at the university level.
For robustness, we also report estimates from more saturated specifications that include
university —major—cohort fixed effects, as well as individual controls such as gender, ethnicity,
and an indicator for receiving a National Scholarship.

Table 2, Panel A, reports the main findings. Column 1 shows a 1.3 percentage point
gap in plagiarism rates between students entering the public and private sectors—equivalent
to a 16.6% increase relative to the baseline rate. Columns 2 to 4 sequentially add controls
for individual characteristics, university —major — cohort fixed effects, and both. The results
remain stable across specifications.

In Panel B, we examine which types of plagiarism drive our baseline findings. Columns
1 -2 use binary indicators for relatively modest violations (plagiarism rates above 10%) and
more severe violations (above 30%), showing that the public —private gap is present for both
measures, consistent with Figure 3, Panel A, which indicates that the gap persists across
the upper half of the plagiarism distribution. Columns 3 -4 further distinguish between pla-

giarism in essential sections (e.g., analysis, results, conclusions) and non-essential sections

2IMajor fixed effects distinguish between degree programs. For example, a chemistry master’s program
and a chemistry PhD program are treated as separate majors.
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(e.g., literature review, data description). The gap is not entirely driven by minor violations:
while differences appear in both types of sections, they are, if anything, slightly more pro-
nounced in essential sections, indicating stronger adverse selection on more serious forms of
misconduct.

Table 3 examines heterogeneity in our baseline results. Panel A shows that the public -
private gap is present across majors and universities, but is more pronounced in non-STEM
fields and non-elite institutions.

Panel B indicates that adverse political selection is evident across all branches of public
service, and is particularly pronounced among tax and customs officials, whose plagiarism
rates are 28 —29% higher than those of their classmates, compared with a more modest gap of
18% among judges. Since positions with larger gaps are also those with greater opportunities
for rent-seeking, one possible interpretation is self-selection. Identifying the precise sources
of these probity differences—both between the public and private sectors and across branches
of government—is beyond the scope of this paper but represents an important direction for
future research.

Panel C examines regional heterogeneity and shows that adverse political selection is
more pronounced in lower-income and more corrupt regions. This within-China pattern
echoes cross-country evidence: Hanna and Wang (2017) and Cruces et al. (2023) document
adverse selection in India and Argentina respectively, whereas Dal B6 et al. (2017) and
Barfort et al. (2019) find positive selection in Scandinavian countries. Taken together, these
findings suggest that political selection patterns depend on underlying levels of development

and institutional quality.

4.2 Career Advancement in the Public Service

Having established the adverse political selection based on probity at the entry level, we
now examine whether public officials who plagiarized their dissertations also advance faster
within the government hierarchy.

For civil servants, we use the detailed rank information described in Appendix G. For
each individual with at least five years of service, we construct their official rank in the fifth

year after entry and estimate the following regression:

Rank,,, = o - Plagiarizing; + A\, + 9 + €4 (2)

where Rank;,

unit g in year t. Plagiarizing, is a binary indicator that equals one if the individual’s

denotes the official rank of individual 7, five years after entry into government

plagiarism score exceeds the sample median, and A, and ~, are government-unit and cohort

18



fixed effects, respectively. Standard errors are clustered at the government-unit level. For
robustness, we also estimate more saturated specifications that include government-unit-by-
cohort fixed effects, as well as individual controls.

Table 4, Panel A, presents the main findings. Column 1 shows that, conditional on
entry into the public sector, individuals who plagiarized their dissertations advance 5% more
rapidly in the first five years of their careers. Columns 2—4 demonstrate that this intensive-
margin effect is robust to controlling for government-unit-by-cohort fixed effects — which
restrict comparisons to narrowly defined colleagues with identical seniority — as well as
individual characteristics such as gender, university, major, degree, and graduation year.

Panel B examines heterogeneity across public service domains. Consistent with the
extensive-margin patterns in Table 3, Columns 1 —3 show that the positive relationship
between plagiarism and promotion speed is most pronounced among customs officials, tax
officials, and judges. For judges, we further exploit detailed performance measures con-
structed from the universe of 140 million court verdicts. Column 4 replicates Column 3
while controlling for key performance indicators — including caseload, appeal rates, the
number of junior judges mentored, and the share of major cases (proxied by claim size) —
which closely align with official promotion criteria. Even under this more stringent specifi-
cation, the coefficient on plagiarism remains positive and statistically significant, indicating
that judges with higher plagiarism scores are more likely to be promoted through channels

not explained by observable performance.

4.3 Alternative Interpretations

While our results on political selection are robust across a range of specifications and controls,
we interpret them as correlational rather than causal, as individuals with different plagiarism
rates may also differ along unobservable dimensions. Moreover, although the survey evidence
in Section 3.5 shows that plagiarism strongly predicts long-run probity, it also reveals modest
correlations with other personality traits and background characteristics. We therefore take
a conservative approach and interpret our findings as patterns associated with plagiarism, or
academic dishonesty — understood as a past behavior observed in the data — rather than
an inherent trait.

Despite our conservative interpretation of the results, we examine potential mechanisms

by evaluating the plausibility of several candidate explanations.

Pre-Screening of Dissertations Using the CNKI Algorithm. A potential concern
is that our results may be driven by students’ strategic compliance — for example, repeat-

edly pre-screening plagiarized dissertations against the CNKI algorithm until passing. This
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channel is unlikely to be first-order. As discussed in Section 2.1, prior to the introduction of
private access, CNKI’s plagiarism-detection service was prohibitively expensive for students;
moreover, this explanation is inconsistent with two empirical patterns documented in Section
4.1.

First, our baseline selection results are also present among infra-marginal plagiarists who
exceed degree-conferral cutoffs by substantial margins, indicating that the findings are not
driven by strategic bunching just below these thresholds. Second, as discussed in Section 6,
strategic compliance emerges only after universities widely adopt CNKI, whereas our results
are evident even before this period. Consistent with this, Appendix Figure A.4 shows that
prior to 2016, student awareness of plagiarism-detection tools — measured using search-
engine indices — was substantially lower, and Appendix Table A.3 shows that our results
remain robust when restricting the sample to the pre-2016 period, suggesting that strategic

pre-screening behavior does not materially affect our findings.

Sophisticated Misconduct. Relatedly, an important question is whether the dissertation
plagiarism rate (as detected by CNKI) is an accurate measure of academic dishonesty. Some
students may engage in more “sophisticated” forms of misconduct — for example, hiring
others to write their dissertations or translating from obscure foreign sources not covered in
the CNKI corpus. If such individuals are systematically less likely to enter the public service,
our findings could, in principle, reflect positive rather than negative selection on academic
honesty (i.e., sophisticated cheaters avoid the public sector, while more naive ones enter).
We argue that this interpretation is unlikely to drive our results. First, qualitatively,
such forms of sophisticated cheating exist but are substantially less common than simple
plagiarism, especially in the early part of our sample period when awareness of plagiarism-
detection tools was low. Their importance is thus inconsistent with the finding that our
results remain similar in the pre-2016 period. Second, as documented in Section 3.5, pla-
giarism rates are strongly and positively correlated with long-run honesty measured in an
independent survey — evidence that is difficult to reconcile with the presence of a large pool

of sophisticated cheaters among non-plagiarists.

Sorting vs. Screening in Political Selection. Another question is whether the ad-
verse political-selection pattern we document reflects students with a history of plagiarism
disproportionately selecting into civil-service careers (i.e., sorting), or the merit-based exam
system disproportionately selecting individuals who previously plagiarized (i.e., screening).
Both mechanisms are consistent with the patterns we observe, and we refrain from taking a

strong stance on the exact underlying channel, as our data do not allow us to fully disen-
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tangle them. That said, the evidence suggests that an ability-based screening explanation
alone is unlikely to account for the main results. In particular, the adverse selection persists
even after controlling for strong proxies of academic ability — such as attending an elite
university or receiving a national scholarship — indicating that plagiarizing students are not
simply “stronger” students who are more capable of excelling on competitive civil-service

exams.

Taken together, the evidence in Sections 4.1 and 4.2 shows that academically dishonest
individuals are more likely to enter the public service and, conditional on entry, more likely to
advance to leadership positions. To the extent that such individuals behave differently when
holding authority, these patterns raise important concerns for social welfare. We examine

these implications more directly in Section 5.

5 Performance of Plagiarizing Public Servants

In this section, we examine whether public servants with histories of plagiarism perform
differently from their peers. While our plagiarism measure provides a rare window into pre-
viously hidden misconduct, two empirical challenges remain. First, for most public servants,
the multi-dimensional and vaguely defined nature of their jobs makes it notoriously difficult
to measure performance objectively (Baker et al., 1994; de Janvry et al., 2023). Second,
even when performance is observable, the endogenous sorting of public servants into differ-
ent tasks based on personal characteristics — such as probity — implies that comparing the
outcomes of plagiarizing and non-plagiarizing officials does not, by itself, identify the causal
impact of having dishonest individuals in the public service.

To address these two challenges, our subsequent analysis zooms in on the judicial sys-
tem rather than the broader public service, where we can observe detailed and objective
performance indicators derived from the universe of China’s court judgment files over the
past decade. We further mitigate concerns about endogeneity by exploiting quasi-random
variation in the assignment of cases to judges. In Section 5.1, we estimate the causal effect of
a lawsuit being handled by a judge with a plagiarism record relative to one whose disserta-

tion was not plagiarized.?? In Section 5.2, we exploit detailed data on collegial collaboration

22Since the judicial system involves tasks that are more transparent, observable, and objectively measurable
compared to most other public service sectors, the scope for dishonest individuals to exercise private influence
is arguably constrained. As a result, the empirical patterns we document among judges may be interpreted
as a lower bound on the influence of dishonest individuals in public service. In sectors where performance is
less transparent, evaluations are more subjective, and discretion is greater, dishonest individuals may exert
an even more pronounced influence.

21



networks and judge —lawyer match-ups extracted from court rulings to estimate the spillover

effects of academically dishonest judges on their peers and on lawyers.

5.1 Effects of Plagiarizing Judges on Case Outcomes

To identify the causal effect of being assigned to an academically dishonest judge (as opposed
to an honest one) on court rulings, a key challenge is that dishonest and honest judges
may systematically preside over different types of lawsuits, thereby confounding observed
differences in outcomes. To address this concern, we adopt an instrumental variable (IV)
strategy that exploits quasi-random variation in case assignments generated by fluctuations
in judges’ caseloads relative to the timing of new case arrivals.

In contrast to U.S. federal courts, where judges typically sit on mixed dockets, Chinese
courts are organized by clear subject-matter divisions. Within a given court, judges are
assigned to specialized divisions handling distinct domains—such as contract, corporate,
intellectual property, family, and administrative cases. Using the universe of court judg-
ment records, we first identify each judge’s legal domain and construct a measure of weekly
caseload, defined as the number of active cases on the judge’s docket in a given week.?> We
then instrument for whether a case is handled by a judge with a plagiarism record using the
contemporaneous caseload of plagiarizing judges within the same court and legal domain at
the time of case assignment. This strategy isolates variation driven by the temporal avail-
ability of plagiarizing judges, rather than endogenous matching between judges and cases.

Specifically, we estimate the following two-stage least squares (2SLS) model:

PlagiarizingJudge,.;; = «-CaseLoad.g + Aoy + V¢ + €ears (3)
Ruling; g, = ﬁ-Plagiar?m'\ngJudgeicdt + Aea T Ve T+ €icdrs (4)

where PlagiarizingJudge;.;; is a binary indicator that equals one if case ¢ in court c,
domain d, and week t is adjudicated by a judge with a plagiarism history.?* CaseLoad,,
is the instrument, defined as the lowest ongoing caseload among plagiarizing judges in court
¢, domain d, and week t. Ruling,;.; denotes the case outcome of interest. In both stages,
we include court-by-domain fixed effects A,; and week fixed effects v,. Standard errors

are clustered at the court-domain level. As a placebo test, Appendix Table A.4 shows that

23The details of domain classifications can be found in the Appendix F

240ur baseline definition classifies a judge as “plagiarizing” if their raw plagiarism score exceeds the judge-
sample median, which helps exploit variation in the plagiarism measure. For robustness, we also estimate
IV specifications using alternative absolute plagiarism thresholds of 10%, 15%, and 20%.
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instrumented judge assignment is orthogonal to a range of pre-determined case characteristics
— such as monetary stakes, firm litigant size, and lawyer background — supporting the
validity of the IV.

More Preferential Rulings. As shown in Table 5, Panel A, the IV strongly predicts
assignment to plagiarizing judges (first-stage F-statistics range from 225 to 4,087). Exploiting
this variation, the second-stage results in Columns 1, 3, and 5 indicate that, relative to their
peers, plagiarizing judges are more likely to issue preferential rulings in favor of powerful
litigants in otherwise similar cases. Specifically, they are (i) 8% more likely to favor the
government over citizens, (ii) 15% more likely to favor SOEs over private firms, and (iii)
12% more likely to favor larger firms over smaller ones.?’

In Panel A of Appendix Table A.5, we conduct robustness checks using three alternative
definitions of a “plagiarizing judge”: whether the judge’s plagiarism rate exceeds 10%, 15%,
or 20%. The patterns of preferential rulings remain highly robust under these absolute
cutoffs, which are commonly used by universities today for degree conferral. Moreover,

the coefficients become larger under more stringent plagiarism definitions, consistent with

behavioral differences between “minor” and “extreme” plagiarists.

Lower Judicial Quality. Such preferential rulings by plagiarizing judges are associated
with significantly lower judicial quality, based on standard measures in the legal literature.
Following Liu et al. (2023), we construct three proxies from court rulings: (i) appeal rates,
which generally signal lower decision quality; (ii) reliance on discretionary legal provisions,
which has been linked to favoritism; and (iii) the length of the judicial reasoning section,
which correlates positively with decision soundness.

As shown in Table 5, Panel B, Columns 1, 3, and 5, instrumented assignment to a judge
with a plagiarism history leads to a 2.7 percentage point increase in appeal rates (19% relative
to the baseline), a 23% increase in the use of discretionary provisions, and a 7% reduction
in the length of judicial reasoning (36 words). Moreover, Panel B of Appendix Table A.5
again confirms that these findings are robust to alternative cutoffs for defining “plagiarizing

2

Together, these results point to systematically lower-quality judicial decisions by
26

judges.

judges with plagiarism histories.

One interpretation consistent with these findings is that judges with plagiarism histories

are more susceptible to influence from powerful litigants — either by proactively favoring

25Same as before, and as reported in the Panel B of Appendix Table A.3, these patterns are robust when
restricting the sample to pre-2016 cohorts, confirming that the findings are not driven by strategic plagiarists
who pre-screened their dissertations against the CNKI algorithm to achieve compliance.

26We also observe a marginal reduction in trial duration, consistent with less thorough judicial deliberation.

23



them in anticipation of future benefits or by being passively captured through external
pressure — thereby undermining the fairness and quality of judicial decisions. Alternatively,
plagiarizing judges may differ systematically in preferences or ability, leading them to issue
different rulings from their peers.

We do not take a definitive stance on the underlying mechanism. Regardless of the
channel, the presence of differential rulings itself has important societal implications for
allowing academically dishonest individuals to hold positions of power. That said, we provide
two pieces of evidence suggesting that corruption or capture is more likely than differences

in preferences or ability to drive our findings.

Subsequent corruption investigations. Consistent with our preferred interpretation,
Appendix Table A.7 shows that plagiarizing judges — while advancing more rapidly in their
careers (as documented in Section 4.2) — are also 0.6 percentage points more likely than
their peers to face anti-corruption investigations and sanctions in subsequent years, a 16.6%
increase relative to the baseline. This pattern is consistent with a greater propensity to

engage in bribery in exchange for favorable rulings.

No Differential Rulings in Livestreamed Trials. Interestingly, Columns 2, 4, and 6
of Table 5 show that the differential rulings — both preferential treatment and lower judicial
quality — are driven almost entirely by trials that are not livestreamed; for livestreamed
cases, the same IV-2SLS specification yields no meaningful effects.?”

This pattern is difficult to reconcile with differences in ability or preferences alone. In-
stead, it suggests that plagiarizing judges are more likely to issue biased and lower-quality
rulings when not subject to public scrutiny, but moderate such behavior when their decisions
are observable.

A potential caveat is that judges may retain some de facto discretion over which cases are
livestreamed, potentially steering certain cases away from public scrutiny based on unobserv-
able features. However, Appendix Table A.6 shows that livestreaming is uncorrelated with
observable case and judge characteristics, suggesting that selective livestreaming is unlikely

to drive this heterogeneity.

2"The 2016 People’s Courts Regulations on Open Trials mandate livestreaming by default, except for cases
involving state or business secrets, privacy, or social stability. In practice, coverage depends largely on courts’
technological capacity and scheduling constraints, as many have limited equipment and staff.

28Even if judges strategically choose to livestream cases in which they expect to issue less controversial
rulings, that pattern would still be more consistent with the view that the baseline results reflect intentional
bias moderated by public scrutiny, rather than fixed differences in ability or preferences.
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5.2 Spillover Effects in the Judicial System

In addition to issuing more preferential rulings, the presence of dishonest individuals in the
judicial system may generate significant spillover effects on others who interact with them,
particularly when such individuals occupy positions of power. In this section, we examine
two types of spillover effects: (i) the influence of dishonest judges on the behavior of their

fellow judges, and (ii) their influence on the behavior of lawyers.

Spillover on other judges. When a new judge is appointed to a court, they are assigned
to a senior “judge director” as a mentee. During the first year, the incoming judge collab-
orates with the mentor on trials and observes their decision-making process.?? Only after
this year of mentorship is the incoming judge qualified to handle cases independently.

As shown in Table 6, Panel A, junior judges assigned to mentors with plagiarism histories
converge to their mentors’ ruling patterns after one year of exposure, holding constant their
own plagiarism status. These estimates are obtained using the same IV strategy that exploits
quasi-random variation in case assignments. The magnitudes imply that exposure to a
plagiarizing mentor increases bias in rulings by roughly half as much as the junior judge’s
own plagiarism history, indicating a substantial spillover effect. Appendix Table A.8 shows no
systematic sorting between mentors and mentees by plagiarism, suggesting that the observed

spillovers reflect assimilation rather than selection.?’

Spillover on lawyers. Beyond influencing junior colleagues, a judge can also affect the
effectiveness of the lawyers who appear before them. To investigate this possibility, we com-
pare lawyers’ performance before judges with and without plagiarism histories, and examine
how the difference, if any, is associated with the lawyer’s own plagiarism history.

As reported in Table 6, Panel B, and exploiting our baseline IV design, we find that
plagiarizing lawyers achieve significantly higher win rates for their clients when facing pla-

giarizing judges, relative to non-plagiarizing judges.?! By contrast, this advantage is absent

29 As detailed in Appendix Figure A.5, the average junior judge handles 75% of their caseload with a single
primary senior partner, and a large proportion of junior judges work exclusively with one mentor. This
arrangement is highly stable and creates a powerful channel for peer influence.

30This effect may reflect genuine shifts in ethical norms through peer influence, or conformity to prevailing
workplace norms.

31'We estimate the following specification: Y;;.4; = B1 Plagiari/zagl]udgeicdt + ByPlagiarizingLawyer,, +

B3 (Plagiari/zEgJudgeicd x PlagiarizingLawyer,,) + X.q + V¢ + €10, Where Y 4 is the case out-

t
come (i.e., the lawyer’s client win rate), P1:;Lgizabﬁz-ag{]udgeZ.C 4¢ 18 the instrumented indicator for whether
the presiding judge has above-median plagiarism history, and PlagiarizingLawyer,, indicates whether the
lawyer has above-median plagiarism history. A.; and -, denote court-by-domain and time fixed ef-
fects, respectively. Plagiar’i;EgJudgeiC 4¢ 18 instrumented using CaseloadPlagiarist _,, from the first stage

PlagiarizingJudge, , = m;CaseloadPlagiarist_,; +X.q+7;+V;cq¢- The coeflicient of interest is 83, which
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— or, if anything, reversed — for non-plagiarizing lawyers.

That plagiarizing lawyers perform better under plagiarizing judges — holding case as-
signment constant via the IV — may reflect “top-down favoritism” by judges, “bottom-up
capture” by lawyers, or a combination of both. While we cannot credibly disentangle these
mechanisms given data limitations, the pattern suggests that plagiarizing judges system-
atically advantage plagiarizing lawyers. This dynamic implies that, as the prevalence of
plagiarizing judges increases within the judicial system, competitive pressures may raise the
prevalence of plagiarizing lawyers, thereby amplifying the incidence of questionable judicial

decisions.

6 Anti-Plagiarism Enforcement

For a long time, universities relied on faculty to manually review dissertations for potential
plagiarism. Because the conferral of bachelor’s, master’s, and doctoral degrees legally re-
quires a dissertation — and given the high student-to-faculty ratios in most Chinese universi-
ties — it was logistically infeasible to subject every dissertation to close scrutiny. Moreover,
some forms of plagiarism draw on obscure sources that are inherently difficult to detect,
even for experts. These factors help explain the prevalence of dissertation plagiarism among
graduates prior to the mid-2010s.

As explained in Section 2.1, plagiarism-detection algorithms — most notably the one
developed by CNKI — became increasingly sophisticated during the 2010s. Following the
Ministry of Education’s (MOE) push to strengthen enforcement against dissertation plagia-
rism, universities nationwide gradually adopted formal anti-plagiarism policies that relied on
these algorithms for automated detection. Because the MOE did not mandate a uniform im-
plementation timeline, adoption was substantially staggered across universities. We compile
detailed rollout information for 120 elite universities and summarize it in Appendix Figure
A.6.

Exploiting this staggered rollout of plagiarism-detection tools, we address three questions.
First, as a proof of concept, does plagiarism detection reduce plagiarism (Section 6.1)7
Second, how does it affect selection into the public service (Section 6.2)7 Third, does it

influence behavior within the public service (Section 6.3)7

captures whether plagiarizing lawyers perform better when matched with plagiarizing judges.
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6.1 Impacts on Plagiarism

If the adoption of anti-plagiarism rules is not merely performative, one would expect a

subsequent reduction in plagiarism levels. To test this hypothesis, we estimate the following

equation:
Yvicmt = TTGCLtCt + )‘c T Ym T M T €iemes (5)
where Y], denotes the outcome of interest — such as the plagiarism level of individual ¢

from university ¢, major m, graduating in year t. T'reat,, is a binary indicator for whether
university ¢ had adopted plagiarism-detection algorithms by year t. We include university
fixed effects (A

clustered at the university level.

.), major fixed effects (v,,), and year fixed effects (n,). Standard errors are

Table 7, Panel A, reports the results. Consistent with effective enforcement of anti-
plagiarism policies, plagiarism rates decline by 0.9 percentage points following adoption —
equivalent to roughly 12% of the pre-reform average. The effect is evident across both core
and non-core sections and for students from both elite and non-elite universities. Panel (a) of
Figure 4 shows the dynamic effects: there are no pre-trends and sharp declines immediately
after adoption.

To address potential selection into universities by the presence of anti-plagiarism policies,
Column 4 of Table 7 restricts the sample to cohorts who enrolled before implementation but
graduated afterward, for whom the policy constitutes an unanticipated shock. The results

remain consistent, confirming that the policy led to a significant reduction in plagiarism.

Imperfect compliance. Figure 4, Panel (b), plots the distribution of plagiarism rates
in the post-enforcement sample, as measured by the CNKI algorithm. A clear right tail
remains, indicating that some students still obtained their degrees despite substantially ex-
ceeding degree-conferral thresholds. This pattern likely reflects two factors. First, because
plagiarism-detection algorithms were costly — especially in the early years — many univer-
sities relied on spot checks rather than universal screening, allowing some high-plagiarism
dissertations to go undetected. Second, even among universities that implemented universal
screening, the specific algorithms and versions used varied. Our measures are based on the
most recent CNKI algorithm, which is highly correlated with — but may not fully replicate

— earlier CNKI versions or other less powerful systems previously used by universities.
Strategic compliance. Panel (b) of Figure 4 also reveals evidence of strategic compli-

ance. Vertical lines indicate common degree-conferral cutoffs (e.g., 10%, 15%, 20%), and the

distribution exhibits clear bunching just below these thresholds. This pattern is consistent
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with CNKI’s role as the dominant plagiarism-detection tool and suggests that some students
strategically adjust their work to meet formal requirements — a behavior facilitated by the
introduction of individual access to the CNKI system in 2022.

Such strategic compliance raises the possibility that improved compliance with formal
thresholds may not reflect substantive gains in honesty. Motivated by this concern, we
next examine how the adoption of plagiarism detection affects political selection and judicial

performance.

6.2 Impacts on Political Selection

To gauge the impacts of anti-plagiarism rules on political selection, we compare dissertation
plagiarism rates of public officials and their classmates, both before and after the adoption
of plagiarism-detection tools at the time of graduation.

As reported in Table 7, Panel B, while anti-plagiarism rules significantly reduce overall
plagiarism, they do not generate differential effects between students who enter public service
and their classmates — i.e., adverse political selection persists after enforcement. Appendix
Table A.10 shows that this pattern remains under the more restrictive design focusing on
the “surprised cohorts.”

Appendix Table A.9 further shows that, although enforcement leads more dissertations
to fall below university-specific degree-conferral thresholds, students who bunch just below
these cutoffs remain significantly more likely to enter public service than their classmates

with substantially lower plagiarism rates.

6.3 Impacts on Public Service Behavior

The limited impact of anti-plagiarism enforcement on political selection is consistent with
symbolic compliance: measured plagiarism declines, but underlying dishonesty remains un-
changed and continues to shape political selection. However, enforcement may also foster
genuinely more ethical behavior. For example, someone who bunches just below the degree-
conferral cutoff may become less willing to issue preferential rulings after becoming a judge.
In that case, even if plagiarism continues to predict political selection after enforcement, the
overall reduction in plagiarism could still improve public service performance.

To distinguish between these interpretations, Panels C and D of Table 7 exploit the
staggered rollout of plagiarism-detection tools to compare judges who were exposed to these
policies in university with those who were not, within the same court and cohort. The
results indicate that exposure to plagiarism detection has a lasting effect on professional

conduct: treated judges issue marginally fewer preferential rulings toward powerful litigants
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and higher-quality rulings. The magnitudes are modest, corresponding to roughly 11-22% of
the baseline performance gap between plagiarizing and non-plagiarizing judges documented
earlier. This suggests that enforcement meaningfully, but only partially, mitigates unethical
behavior in public service. Appendix Figure A.7 plots the dynamics of these effects and
shows no salient pre-trends.

Taken together, the evidence suggests that enforcement is not merely performative. It
produces modest but persistent improvements in ethical conduct, consistent with genuine
treatment effects rather than selection alone. At the same time, these effects are partial,
suggesting that dishonest behavior is malleable but also highly persistent over time (Roberts
and DelVecchio, 2000; Garrett et al., 2016; Ashton and Lee, 2007).

7 Conclusion

In this paper, we construct a novel measure of academic dishonesty by applying advanced
plagiarism-detection algorithms to more than half a million publicly available graduate dis-
sertations in China. Linking this measure to an original survey of experienced professionals
— eliciting personality traits and beliefs — we document a strong and robust correlation
between past plagiarism and cheating in incentivized tasks today.

Using this plagiarism measure, we document four sets of empirical results. First, we
uncover significant adverse political selection. On the extensive margin, individuals who
plagiarized are more likely than their classmates to enter public service — a pattern that
is particularly pronounced in positions with greater rent-seeking opportunities and in less
developed, more corrupt regions. On the intensive margin, officials with plagiarism records
are more likely to be promoted than their non-plagiarizing colleagues, even after controlling
for a rich set of individual characteristics and performance measures.

Second, we show that the presence of academically dishonest individuals in positions of
power has important consequences for institutional performance. Focusing on the judiciary
and exploiting quasi-random case assignment, we find that judges with plagiarism records
are more likely to issue preferential rulings to powerful litigants and face higher appeal
rates — patterns that disappear when trials are livestreamed. These findings are consistent
with plagiarizing judges being more susceptible to capture by powerful litigants when public
scrutiny is low, a conjecture further supported by their higher likelihood of subsequent
corruption investigations.

Third, the influence of plagiarists propagates through spillover effects. Among judges,
junior judges mentored by senior colleagues with plagiarism histories converge toward their

mentors’ ruling patterns. Across judges and lawyers, plagiarizing lawyers are more effec-
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tive when appearing before plagiarizing judges. Together, these patterns suggest that the
impact of academically dishonest individuals in public service extends beyond their own
performance.

Fourth, exploiting the staggered rollout of advanced plagiarism-detection tools, we find
significant reductions in plagiarism rates, confirming that these policies were substantively
enforced, albeit with some strategic compliance reflected in bunching just below degree-
conferral cutoffs. We find no effect on political selection but do observe modest reductions
in preferential rulings, suggesting that strict enforcement of academic honesty may foster
lasting behavioral changes.

Taken together, this paper documents the prevalence of previously hidden academic dis-
honesty in China and its far-reaching implications for the functioning of the public service.
We provide suggestive evidence on the mechanisms through which academic dishonesty af-
fects political selection, public service performance, and spillovers, but a definitive identifi-
cation of these channels is beyond the scope of this paper and left to future research. More
broadly, our approach — proxying academic honesty through systematic detection of dis-
sertation plagiarism — can be extended to other contexts in which individuals are highly
educated and honesty is paramount, such as accounting, medicine, and academia. We view

these extensions as promising avenues for future inquiry.
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(b) Paragraph-level Plagiarism Breakdown

Figure 1: Sample Plagiarism Reports

Notes: This figure provides examples of plagiarism reports generated by CNKI AMLC. Panel (a)
shows the overall summary, including the total plagiarism rate, the maximum single-source overlap,
and overlap rates that exclude references or the author’s own prior work. Panel (b) presents the
paragraph-level analysis, where overlapping text is color-coded (red for suspected plagiarism, green
for cited material) and linked to the original sources. This paragraph-level comparison allows us
to distinguish minor overlap in background material from serious misconduct in core analytical

sections.
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(b) Correlates of Dissertation Plagiarism
Figure 2: Survey Validation: Plagiarism Correlates with Dishonest Behavior and Personality

Notes: This figure shows the correlations between dissertation plagiarism rates and individual traits elicited
from our survey of 387 experienced legal professionals. Panel (a) displays histograms of the dissertation
plagiarism score for two groups in the survey: “High Reporters” (those who reported more than two sixes
in an incentivized dice-rolling task) and “Low/Average Reporters” (those who reported two or fewer). The
distribution for High Reporters is noticeably shifted to the right, indicating that individuals who plagiarized
their dissertations years earlier continue to exhibit higher levels of dishonest behavior today. Panel (b) plots
the estimated coefficients and 95% confidence intervals from regressions where the dependent variable is
the normalized dissertation plagiarism score (0 — 1) and the independent variables are the individual traits
elicited in our survey. Each point represents the estimated association between the listed trait and the
plagiarism score. Appendix Table A.2 provides the corresponding regression results in greater detail.
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Figure 3: Adverse Selection into the Public Sector on Plagiarism

Notes: This figure presents descriptive evidence of adverse selection on academic dishonesty in the
public sector. Panel (a) shows the full distribution of plagiarism scores, illustrating that individuals
who enter the public service have a distribution that is shifted to the right compared to their private
sector peers. Panel (b) plots the public — private gap in plagiarism scores by graduation year. For
each cohort year, we regress plagiarism scores on a public-sector indicator, controlling for university
and major fixed effects, with standard errors clustered at the university level. The shaded band
represents the 99% confidence interval.
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Figure 4: Anti-Plagiarism Enforcement and Plagiarism Behavior

Notes: This figure presents the impacts of university-level anti-plagiarism enforcement on pla-
giarism behavior. Panel (a) shows event-study estimates of sharp and sustained reductions in
measured plagiarism following the adoption of plagiarism-detection systems, using the year prior to
enforcement as the baseline. Shaded areas denote 95% confidence intervals. All event studies are
estimated following the approach suggested by Sun and Abraham (2021). Panel (b) shows patterns
of bunching below the official plagiarism ceilings.
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Table 1: Summary Statistics for Dissertation Plagiarism and Individual Characteristics

Variable Obs Mean Std. Dev. Min Max

Panel A. Plagiarism Rates (%)

Overall plagiarism rate 519,292  7.86 9.54 0.00 89.98
By sector
Public-sector authors 127,457  8.63 9.65 0.00 89.98
Private-sector authors 391,835  7.61 9.49 0.00 85.32
By university tier
Elite university graduates 164,887  7.24 9.21 0.00 85.20
Non-elite university graduates 354,405  8.15 9.68 0.00 89.98
By dissertation section
Non-essential sections 519,292  8.15 9.77 0.00 86.00
Essential sections 519,292  7.83 9.44 0.00 78.00

Panel B. Individual Characteristics

Han ethnicity 519,292  0.967 0.179 0 1
National scholarship recipient 519,292  0.003 0.055 0 1
Elite university graduate 519,292  0.317 0.465 0 1
Female 519,292  0.541 0.498 0 1
Public-sector official 519,292  0.245 0.430 0 1

Notes: This table summarizes the key variables used in the analysis. Panel A re-
ports statistics on plagiarism rates in graduate dissertations processed through CNKI’s
plagiarism-detection system. The outcome variable is the overall duplication rate against
the pre-existing corpus — excluding proper citations and the author’s own prior publi-
cations — measured on a 0-100 scale. “Public-sector authors” are individuals who later
entered civil service, judicial positions, or other government employment; “private-sector

”

authors” include all others. “Elite university” refers to institutions classified under the
national “Double First-Class” initiative or the historical 985/211 programs at the time
of graduation. “Essential sections” correspond to a dissertation’s core analytical sections
(main argument, methods, and results), while “non-essential sections” include background
and literature review. All rates are expressed as percentages. Panel B reports descriptive
statistics for individual-level covariates used in subsequent regressions. All indicators are
binary variables equal to one for individuals satisfying the stated condition (e.g., female,
Han ethnicity, national-scholarship recipient, or employed in the public sector) and zero

otherwise.
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Table 2: Plagiarism and Selection into the Public Sector

(1) (2) (3) (4)

Panel A. Dependent Variable: Overall Plagiarism Score

Public Sector 1.3077#%* 1.307%FF  1.293%** 1.293%%*
(0.054) (0.054) (0.061) (0.061)
% to mean 16.63% 16.63% 16.45% 16.45%
Observations 519,195 519,195 428,492 428,492
R-squared 0.023 0.023 0.147 0.147
University FE Y Y N N
Major FE Y Y N N
Cohort FE Y Y N N
University x Major x Cohort FE N N Y Y
Controls N Y N Y

Panel B. Alternative Plagiarism Measures

Plag > 10% Plag > 30% Essential Non-Essential

Public Sector 0.051%#* 0.004%#*%  1.208%*** 1.251%**
(0.002) (0.001) (0.056) (0.058)
% to mean 21.61% 8.12% 15.43% 15.35%
Observations 519,195 519,195 519,195 519,195
R-squared 0.015 0.004 0.020 0.020
University FE Y Y Y Y
Major FE Y Y Y Y
Cohort FE Y Y Y Y

Notes: This table examines the relationship between academic dishonesty and selection into public-
sector employment. Panel A uses the overall plagiarism score as the dependent variable for the
full sample. Columns (1) and (2) include separate fixed effects for university, major type, and
graduation cohort; Columns (3) and (4) replace these with university x major x cohort fixed effects.
Columns (2) and (4) additionally control for individual characteristics (gender, Han ethnicity, and
national scholarship status). Panel B uses the specification from Column (1) of Panel A throughout.
Columns (1) and (2) replace the continuous score with binary indicators equal to one if the overall
plagiarism rate exceeds 10% and 30%, respectively. Columns (3) and (4) use plagiarism scores
measured in essential (main argument, methods, and results) and non-essential (literature review
and background) sections, respectively. Standard errors clustered at the university level are reported
in parentheses. * p < 0.10, ** p < 0.05, *** p 210.01.



Table 3: Heterogeneity in Selection into the Public Sector

(1) (2) (3) (4)

Panel A: Heterogeneity by Subject and University Type

STEM Non-STEM Elite Non-Elite
Public Sector 0.952%** 1.358%** 1.119%%* 1.385%**

(0.097) (0.056) (0.080) (0.068)
% to mean 12.11% 17.28% 14.24% 17.62%
Observations 118,180 400,722 164,765 354,285
R-squared 0.032 0.023 0.019 0.023
Panel B: Heterogeneity by Position

Judges Tax Customs Other Admin
Public Sector 1.385%%* 2.239%** 2.169%** 0.926%+*

(0.105) (0.119) (0.106) (0.067)
% to mean 17.62% 28.49% 27.59% 11.78%
Observations 217,117 303,827 346,275 439,228
R-squared 0.022 0.022 0.022 0.022
Panel C: Regional Heterogeneity

Economic Development Corruption
High GDP Low GDP  More Corrupt Less Corrupt

Public Sector 0.983*** 1.632%+* 1.642%%* 0.971%**

(0.070) (0.057) (0.060) (0.060)
% to mean 12.51% 20.76% 20.89% 12.35%
Observations 258,501 260,080 261,771 257,277
R-squared 0.022 0.026 0.025 0.023
Major FE Y Y Y Y
Cohort FE Y Y Y Y
University FE Y Y Y Y
Individual characteristics Y Y Y Y

Notes: This table explores heterogeneity in the relationship between plagiarism and
public-sector selection. Panel A examines differences by academic subject and univer-
sity prestige. Panel B examines differences across different public positions. Panel C
examines regional differences based on median splits of GDP per capita and corruption
levels. All regressions control for individual characteristics (gender, ethnicity, and schol-
arship status) and include fixed effects for degree type, major, graduation cohort, and
university. Standard errors clustered at the university level are reported below the coef-
ficients. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 4: Plagiarism and Career Advancement in the Public Sector

(1) (2) (3)

(4)

Panel A: Career Advancement (All Civil Servants)

Plagiarizing Officials 0.275%** 0.275%**F  (0.252%FF (. 250%**

(0.038) (0.038) (0.061) (0.061)
% to mean 5.5% 5.5% 5.1% 5.1%
Observations 48,362 48,362 48,362 48,362
R-squared 0.064 0.064 0.402 0.402
Unit FE Y Y N N
Cohort FE Y Y N N
Individual characteristics N Y N Y
Unit x Cohort FE N N Y Y
Panel B: Career Advancement by Position

Customs Tax Judges Judges
Plagiarizing Officials 0.559%FF  0.547F**  0.169***  (.140%**

(0.105) (0.121) (0.009) (0.009)
% to mean 11.2% 10.9% 9.3% 8.1%
Observations 6,476 6,733 54,721 54,721
R-squared 0.100 0.316 0.060 0.075
Unit FE Y Y Y Y
Cohort FE Y Y Y Y
Performance Controls N N N Y

Notes: This table reports regressions of officials’ career advancement on the pla-
giarism indicator. Advancement is measured by rank after the first five years in
office. Panel A includes all civil servants. Columns (1) — (2) use separate Unit and
Cohort FE; (3) - (4) use Unit x Cohort FE. Panel B examines specific sub-samples.
Column (4) adds judge-specific performance controls (caseload, major case share,
mentorship, and appeal rates). Standard errors clustered at the unit level are in

parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table 5: Judges’ Academic Honesty and Judicial Decisions — Favoritism and Quality

(1) (2) (3) (4) (5) (6)

Panel A: Favoritism in Rulings

Larger Firm’s Win Rate SOE’s Win Rate Gov’s Win Rate
Full Sample Livestreamed Full Sample Livestreamed Full Sample Livestreamed
Plagiarizing Judge  0.065*** 0.034 0.082%** 0.035 0.057%** —
(0.019) (0.058) (0.022) (0.063) (0.015) —
% to mean 12.22% 6.40% 15.44% 6.59% 7.70% —
First-stage F-stat 2,417 249 1,787 225 4,087 —
Observations 1,759,497 218,618 139,503 22,589 243,999 —
Panel B: Quality of Rulings
Appeal Rate Discretionary Provisions Length of Reasoning
Full Sample Livestreamed Full Sample Livestreamed Full Sample Livestreamed
Plagiarizing Judge  0.027*** 0.017 0.083*#* —0.032 —35.894HF* 18.618
(0.009) (0.032) (0.013) (0.045) (6.230) (21.603)
% to mean 19.15% 12.06% 22.85% 8.81% 6.89% 3.45%
First-stage F-stat 5,700 476 5,711 479 5,668 474
Observations 2,147,464 251,562 2,153,896 252,423 2,136,856 250,260
Year-Week FE Y Y Y Y Y Y
Dispute Type Y Y Y Y Y Y
Court-Domain FE Y Y Y Y Y Y

Notes: This table reports two-stage least squares (2SLS) estimates of the effects of being assigned to a plagiarizing
judge, using the judge’s caseload as the instrumental variable. Panel A examines favoritism in rulings, where the
dependent variables capture the win rate of (i) a larger firm, (ii) a state-owned enterprise (SOE), or (iii) a government
litigant. Panel B assesses the quality of rulings, using three outcome measures: (i) Appeal Rate, (ii) Discretionary
Legal Provisions Usage, and (iii) Length of Judicial Reasoning. Columns (1), (3), and (5) report estimates using the
full sample, while Columns (2), (4), and (6) restrict the analysis to livestreamed trials. Column (6) in Panel A is
omitted because no administrative lawsuits against government defendants were livestreamed. All regressions control
for court-by-domain and year—week fixed effects. Standard errors clustered at the court-domain level are reported in

parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.



¥

Table 6: Judges’ Academic Honesty and Spillover Effects in the Judicial System

(1) (2) (3) (4) (5) (6)
Panel A. Spillover to Junior Judges
Favoritism in Rulings Quality of Rulings
Larger Firm’s SOE’s Gov’s Appeal  Discretionary Length of
Win Rate Win Rate Win Rate Rate Provisions Reasoning
Mentored by Plagiarizing Senior 0.020* 0.033* 0.028 0.007 0.029*** —21.192%**
(0.011) (0.019) (0.021) (0.007) (0.010) (4.709)
Plagiarizing Junior 0.047%%* 0.061%** 0.053%** 0.010%** 0.105%** —37.483***
(0.001) (0.004) (0.003) (0.001) (0.001) (0.478)
Observations 1,117,745 83,889 153,608 1,362,834 1,367,004 1,356,102
R-squared 0.003 0.004 0.003 0.001 0.012 0.007
Panel B. Spillover to Plagiarizing Lawyers
Client’s Win Rate Quality of Rulings
Contract Non-Contract Administrative =~ Appeal  Discretionary Length of
Dispute Dispute Dispute Rate Provisions Reasoning
Plagiarizing Judge x Plagiarizing Lawyer 0.023** 0.021°** 0.016* 0.008%*** 0.014%** —4.710%**
(0.009) (0.011) (0.010) (0.002) (0.002) (1.031)
Plagiarizing Judge 0.004 0.008 0.004 0.017 0.007 2.412
(0.024) (0.034) (0.025) (0.011) (0.016) (6.835)
Plagiarizing Lawyer 0.007 0.010 —0.003 —0.003 —0.003 1.208
(0.005) (0.008) (0.003) (0.002) (0.002) (0.901)
Observations 325,813 168,601 223,046 729,877 729,877 729,877
R-squared 0.125 0.188 0.058 0.080 0.078 0.119
Year-Week FE Y Y Y Y Y Y
Dispute Type Y Y Y Y Y Y
Court-Domain FE Y Y Y Y Y Y

Notes: This table examines spillover effects in the judicial system. Panel A investigates whether exposure to dishonest mentors affects

junior judges’ decisions. Columns (1)—(3) report estimates for favoritism in rulings, where the dependent variable is the win rate of powerful

litigants(i.e., large firms, state-owned enterprises, or government agencies). Columns (4)—(6) examine the quality of rulings, measured by

the appeal rate, the use of discretionary legal provisions, and the length of judicial reasoning. Panel B examines whether dishonest judges

differentially affect dishonest lawyers. In Columns (1)—(3) the dependent variable is the client’s win rate, split by dispute type; Columns (4)—(6)

report the same quality-of-ruling outcomes as in Panel A. All specifications include year-week, dispute type, and court-domain fixed effects.

Standard errors clustered at the court level are reported in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.



Table 7: Anti-Plagiarism Enforcement, Plagiarism, Political Selection, and Public Service Behavior

(1) (2) (3)

Panel A. Anti-Plagiarism Policy and Plagiarism Behaviors

Overall Non-Essential Essential
Plagiarism Score Sections Sections
Treated Graduates —0.757%** —0.901%** —1.062%**
(0.139) (0.152) (0.139)
Fixed Effects University, Major-Degree, Cohort
Observations 144,122 143,473 143,489
R-squared 0.017 0.014 0.015
Panel B. Anti-Plagiarism Policy and Selection into the Public Sector
Overall Non-Essential Essential
Plagiarism Score Sections Sections
Public Sector x Treated 0.187 0.215 0.199
(0.154) (0.173) (0.177)
Treated Graduates —0.842%** —0.999%** —1.153%**
(0.121) (0.123) (0.109)
Public Sector 1.076%** 1.020%** 0.998%***
(0.126) (0.122) (0.124)
Fixed Effects University, Major-Degree, Cohort
Observations 144,122 143,473 143,489
R-squared 0.020 0.017 0.018
Panel C. Anti-Plagiarism Policy and Favoritism in Rulings
Larger Firm’s SOE’s Gov’s
Win Rate Win Rate Win Rate
Treated Judges —0.007*** —0.018%*** —0.012%*
(0.002) (0.006) (0.005)
Fixed Effects Year-Week, Court-Domain, Dispute Type, Cohort, University
Observations 1,759,496 139,478 243,997
R-squared 0.080 0.232 0.100
Panel D. Anti-Plagiarism Policy and Quality in Rulings
Appeal Discretionary Reasoning
Rate Provisions Length
Treated Judges —0.002%* —0.023%** 9.085%**
(0.001) (0.002) (0.773)
Fixed Effects  Year-Week, Court-Domain, Dispute Type, Cohort, University
Observations 2,147,558 2,153,895 2,136,853
R-squared 0.027 0.032 0.073

Notes: This table examines the effects of university-level anti-plagiarism policies on plagia-
rism rates, selection into the public sector, and subsequent judicial behavior. Panel A docu-
ments the effect of policy exposure on dissertation plagiarism rates overall, in non-essential
sections, and in essential sections. Panel B tests whether the policy differentially affects
plagiarism by those selecting into public-sector careers; the coefficient on Public Sector x
Treated captures policy-induced changes in adverse selection. Panel C evaluates longer-run
effects on favoritism in judicial decisions, reporting DiD estimates for win rates of larger
firms, SOEs, and government litigants. Panel D evaluates ruling quality using appeal rate,
discretionary provisions, and reasoning length. Standard errors clustered at the university
level (Panels A-B) or court level (Panels C-D) are reported in parentheses. * p < 0.10, **
p < 0.05, ¥*** p < 0.01.
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A Appendix Figures and Tables

A.1 Appendix Figures

(a) Frontpage of the China Judgements Online
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Figure A.1: China Judgements Online Website and An Example of Court Judgement

Notes: Panel (a) shows the homepage of China Judgements Online, the official national database
for court judgments in China. Panel (b) presents an annotated example of a civil judgment from
the database. The annotations identify key structural elements of the document, including the
plaintiff, the defendant, the judge(s), the court’s name, the final rulings, the court fee allocation,
and the date the judgment was delivered.
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Figure A.2: Example of a Roster of Admitted Civil Servants

Notes: This figure provides an example of a roster for the Shenzhen Customs office, posted in 2021.
As shown, these announcements contain rich individual-level information, including the recruit’s
name, gender, university, degree, and the specific position to which they were admitted.
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Thesis Honesty 1
Exam Honesty 1
Expense Bundling
Confidentiality Leak

Neuroticism 1
Orderliness A
Self-Monitoring 1
Agreeableness 1
Conscientiousness 1
Extraversion 1
Locus of Control
Risk Seeking
Openness
Opportunism 1
Time Management -

Pro-social Index -

GPA -
Scholarship -

Age -

Female -

Outcome: Plagiarism Score (0-1)

Dishonesty Task

Beliefs
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®
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Figure A.3: Survey Validation: Predicting Dissertation Plagiarism with Dishonesty and Personality

Notes: This figure plots the estimated coefficients and 90% confidence intervals from the survey validation
regressions reported in Table A.2. The dependent variable is the normalized dissertation plagiarism score
(0-1), which measures academic dishonesty. Each point represents the estimated association between
the listed variable and dissertation plagiarism score. Circles denote estimates from Column (5), which
includes controls for personality traits, honesty beliefs, demographics, and academic ability measures (GPA,
scholarship awards), but no fixed effects. Squares denote estimates from Column (6), which further adds

fixed effects for graduation cohort, degree, major, university, and current city.
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Figure A.4: Trends in Public Awareness: Baidu Search Index for “Plagiarism Detection”

Notes: This figure plots the evolution of public interest in academic integrity using Baidu Search Index
data. The dependent variable is the log search intensity for keywords associated with “plagiarism detection”
(e.g., lunwen chachong), normalized relative to the 2016 level (denoted by the horizontal dashed line at
zero). The vertical dashed line marks 2016, the year the Ministry of Education issued the Measures for
Preventing and Handling Academic Misconduct in Higher Education Institutions. The trend indicates
a structural break: search activity was consistently low prior to 2016, but the regulation triggered an
immediate and sustained increase in awareness regarding academic misconduct.
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Figure A.5: Distribution of Junior-Senior Mentorship Pairing Stability

Notes: This histogram plots the distribution of pairing stability for junior judges. The variable on
the x-axis, share of cases with primary senior judge, measures the share of a junior judge’s total
cases presided over by their single most frequent senior judge partner within the same court. A
value of 1.0 indicates that a junior judge worked exclusively with one senior judge for all cases in the
sample. The mean of this measure is 0.75, a high value that points to a highly stable arrangement,
indicating that an average junior judge handles three-quarters of their caseload with their primary
senior partner. This conclusion is reinforced by the pronounced mass at 1.0, which shows that a
large proportion of junior judges work exclusively with one senior judge.
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Figure A.6: Variation in Anti-Plagiarism Policy Enforcement Across Elite Universities

Notes: This figure provides details on the sample of 120 elite Chinese universities used in our
difference-in-differences analysis, illustrating the variation we exploit in treatment timing. Panel
(a) plots a histogram of the year in which each university in our sample first implemented a formal,
algorithm-based anti-plagiarism policy for graduate dissertations. The figure clearly shows the
staggered nature of the policy adoption. While a few universities began implementing these rules as
early as 2009, the majority adopted them between 2011 and 2019. This staggered rollout provides
the quasi-random variation in treatment timing that is essential for our difference-in-differences
design. Panel (b) shows the distribution of the official plagiarism similarity score thresholds that
universities set as the maximum allowable for degree conferral. There is significant variation in the
policy’s intensity. The most common thresholds are 10% and 15%, but some universities have much
stricter (e.g., 5%) or more lenient (>30%) standards. Panel (c¢) maps the geographic distribution of
these 120 elite universities at the prefecture level across China. The universities are concentrated
in major economic and political centers, such as Beijing, Shanghai, and provincial capitals, but
there is still broad geographic variation.
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Figure A.7: Event Study: Anti-Plagiarism Enforcement and Judicial Behavior

Notes: This figure presents event-study estimates of the long-run effects of exposure to these policies
on the professional behavior of judges who graduated before and after enforcement. Shaded areas
denote 95% confidence intervals. All event studies are estimated following the approach suggested

by Sun and Abraham (2021).
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A.2 Appendix Tables

Table A.1: Balance Test for Survey Attrition

Characteristic Respondents Non-Respondents Difference P-value
(N=387) (N=56)
Age 29.195 29.341 -0.146 0.691
Female 0.767 0.762 0.005 0.886
Top-tier University (Dummy) 0.214 0.207 0.007 0.835
Major City (Dummy) 0.651 0.661 -0.010 0.798
Scholarship (Dummy) 0.214 0.176 0.038 0.252
GPA (1= High GPA) 0.209 0.181 0.028 0.396
Master Degree (and above) 0.735 0.757 -0.022 0.554
Employment Status (0 = Unemployed) 0.521 0.535 -0.014 0.743

Notes: This table compares the means of observable characteristics between survey respondents and
non-respondents to test for attrition bias. The “Difference” column reports the difference in means
(Respondents - Non-Respondents). The “P-value” column reports the p-value from a two-sided t-
test of the null hypothesis that this difference is zero. No differences are statistically significant at

conventional levels.
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Table A.2: Survey Validation: Predicting Dissertation Plagiarism with Dishonesty and Personality
(1) (2) (3) (4) (5) (6)

Dependent Variable: Dissertation Plagiarism Score (0-1)

A. Dishonesty measure
Dice Game “sixes” 0.270**  0.264**  0.303***  0.261™*  0.287"** 0.263***
(0.063)  (0.064) (0.062) (0.062) (0.061) (0.093)
B. Honesty beliefs

Belief: Thesis Ghostwriter 0.141** 0.142** 0.114
(0.070) (0.070) (0.125)

Belief: Exam Cheating -0.038 -0.052 -0.057
(0.048) (0.047) (0.067)

Situational: Expense -0.001 -0.008 0.020
(0.017) (0.017) (0.028)

Situational: Info Leak -0.016 -0.028 0.040
(0.027) (0.027) (0.049)

C. Personality traits

Conscientiousness Index 0.094 0.051 0.102
(0.071) (0.070) (0.109)

Extraversion -0.010 -0.007 0.022
(0.020) (0.019) (0.032)

Agreeableness 0.000 -0.006 -0.045
(0.025) (0.025) (0.041)

Neuroticism 0.049** 0.053* 0.027
(0.017) (0.017) (0.029)

Openness -0.016 -0.036 0.012
(0.054) (0.053) (0.090)

Locus of Control (External) -0.003 0.004 0.019
(0.018) (0.018) (0.032)

Self-Monitoring -0.006 -0.004 -0.038
(0.017) (0.017) (0.027)

Risk Seeking -0.008 -0.014 0.031
(0.021) (0.021) (0.034)
Orderliness -0.093** -0.071%*  -0.102***
(0.022) (0.022) (0.033)

Opportunism Index -0.005 -0.013 -0.068
(0.043) (0.043) (0.071)

Time Management Index -0.038 -0.012 -0.093
(0.047) (0.046) (0.074)

Pro-social Index -0.041 -0.033 0.035
(0.034) (0.034) (0.058)

D. Academic ability

Scholarship (=1) -0.050"  -0.047* -0.054*
(0.019) (0.019) (0.031)

GPA (Normalized) -0.068**  -0.062™** -0.035

(0.020) (0.020) (0.034)
E. Demographics

Age (Normalized) 0.033 0.047 0.063
(0.052) (0.053) (0.160)
Female (=1) 0.031 0.038* 0.016
(0.019) (0.019) (0.035)
Fixed effects No No No No No Yes
Observations 387 387 387 387 387 258

Notes: All covariates are normalized to range between 0 and 1, making coefficients directly compa-
rable in magnitude. The dependent variable is the dissertation plagiarism score between 0 and 1.
Group labels reflect conceptual categories: (A) dishonesty measure; (B) honesty beliefs (hypothetical
questions); (C) personality traits; (D) academic ability; and (E) demographics. Column (6) includes

fixed effects for graduation cohort, degree, major, university, and city. Standard errors are reported

* sk sskok

in parentheses. * significant at 10%, ** significant at 5%, ** significant at 1%.



Table A.3: Robustness Check of Low-Awareness Periods for Plagiarism Detection

(1) (2) (3)

Panel A. Selection into the Public Sectors

Overall Non-Essential Essential
Plagiarism Score Sections Sections
Public Sector 1.344%%* 1.230%** 1.188***
(0.070) (0.072) (0.069)
Fixed Effects/Controls University, Major, Cohort, Student characteristics
Observations 262,281 261,300 261,305
R-squared 0.024 0.021 0.021

Panel B. Favoritism in Rulings

Larger Firms SOEs Gov’s
Plagiarizing Judge 0.058*** 0.077+** 0.052%+**
(0.020) (0.024) (0.016)
First-stage F-stat 2,189 1,600 3,482
Fixed Effects Court-Domain, Week, Judges’ Cohort, Judges’ University FEs
Observations 1,564,700 122,494 216,381
R-squared 0.002 0.004 0.002

Panel C. Low Quality of Rulings

Appeal Rate Discretionary Provisions Judicial Reasoning Length
Plagiarizing Judge 0.028*** 0.079*** —37.0447%%*
(0.010) (0.014) (6.635)
First-stage F-stat 5,105 5,118 5,079
Fixed Effects Court-Domain, Week, Judges’ Cohort, Judges’ University FEs
Observations 1,909,222 1,914,843 1,899,735
R-squared 0.000 0.010 0.006

Notes: This table replicates the main results using the “early period” subsample (cohorts graduating in or
before 2016), during which public awareness of plagiarism and regulatory enforcement were low. Panel A
reports OLS estimates relating public-sector selection to dissertation plagiarism scores (overall and by section).
Panels B and C report 2SLS estimates of the effect of assignment to a plagiarizing judge on favoritism (win
rates of larger firms, SOEs, and government litigants) and ruling quality (appeal rate, use of discretionary legal
provisions, and length of judicial reasoning), instrumented by the judge’s caseload. Panel A includes university,
major, and cohort fixed effects along with student characteristics (gender, Han ethnicity, national scholarship
status); Panels B and C include court-domain, year—week, judge cohort, and judge university fixed effects.
Standard errors are clustered at the university level in Panel A and at the court level in Panels B and C, and

are reported in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A.4: Balance Test of Case Characteristics Across Instrumented Judge Assignments

(1) (2) (3) (4) (5)

Monetary Stake Plaintiff’s Defendant’s Top Lawyer Top Lawyer
(log) Registered Capital Registered Capital PLTF DFDT

Plagiarizing Judge —0.064 —0.031 0.021 0.015 0.026

(0.213) (0.029) (0.027) (0.062) (0.052)
First-stage F-stat 2,416
Weekly FE Y Y Y Y Y
Court-Domain FE Y Y Y Y Y
Observations 1,759,497 1,759,497 1,759,497 1,759,497 1,759,497

Notes: This table reports IV-validity tests examining whether the instrumented assignment to a plagiarizing judge is
correlated with observable case characteristics determined prior to adjudication. Each column corresponds to a separate
2SLS regression in which the dependent variable is one predetermined feature of the case: the logarithm of the economic
stake of the dispute (Column 1), the logarithm of the registered capital of the plaintiff (Column 2) and defendant (Column
3), and indicators for whether the plaintiff (Column 4) or defendant (Column 5) is represented by a top-ranked lawyer.
Nomne of the coefficients on “Plagiarizing Judge” is statistically distinguishable from zero, supporting the validity of the
instrument. Standard errors clustered at the court-domain level are reported in parentheses. * p < 0.10, ** p < 0.05, ***

p < 0.01.



Table A.5: Robustness: Judges’” Academic Honesty and Judicial Decisions across Plagiarism Cutoffs

(1) (2) (3) (4) () (6)

(7) (8) (9)

Panel A: Favoritism in Rulings

Larger Firm’s Win Rate SOE’s Win Rate

Gov’s Win Rate

>20% >15% >10% >20% >15% >10% >20% >15% >10%
Plagiarizing Judge 0.102*%** (0.082*%**  (0.078***  (.280***  (.198***  (.149*** 0.174%* 0.138%** 0.099%***

(0.027)  (0.020)  (0.018)  (0.109)  (0.068)  (0.040) (0.074) (0.050) (0.029)
Observations 1,759,497 1,759,497 1,759,497 139,503 139,503 139,503 243,999 243,999 243,999

Panel B: Quality of Rulings

Appeal Rate Discretionary Provisions Length of Reasoning

>20% >15% >10% >20% >15% >10% >20% >15% >10%
Plagiarizing Judge 0.014 0.026* 0.028%*  0.208%**F  (.221%FF  0.147FF*  _82.855%**  _66.166™** -57.785%***

(0.019) (0.014) (0.011) (0.026) (0.019) (0.016) (12.386) (9.205) (7.553)
Observations 2,147,559 2,147,559 2,147,559 2,153,896 2,153,896 2,153,896 2,136,856 = 2,136,856 2,136,856
Year-Week FE Y Y Y Y Y Y Y Y Y
Dispute Type Y Y Y Y Y Y Y Y Y
Court-Domain FE Y Y Y Y Y Y Y Y Y

Notes: This table reports robustness checks on the 2SLS estimates from Table 5, varying the plagiarism threshold used to define a
“Plagiarizing Judge.” In each column, the endogenous regressor is an indicator equal to one if the judge’s dissertation plagiarism rate
exceeds the stated cutoff (>20%, >15%, or >10%), instrumented by the analogously defined caseload-weighted instrument. Panel A
examines favoritism in rulings, with dependent variables capturing the win rate of (i) the larger firm, (ii) a state-owned enterprise (SOE),
and (iii) a government litigant. Panel B assesses ruling quality using the appeal rate, use of discretionary legal provisions, and length of
judicial reasoning. All specifications use the full sample. All regressions include court-by-domain and year—week fixed effects. Standard
errors clustered at the court-domain level are reported in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.



Table A.6: Livestreaming Assignment, Case and Judge Characteristics

(1) (2) (3) (4) ()

Plagiarizing Judges Monetary Stake Contract Dispute Plaintiff’s Registered Capital Defendant’s Registered Capital

Livestreaming -0.000 -0.008 0.035 -0.031 0.021
(0.001) (0.243) (0.026) (0.029) (0.027)
Year-Week FE Y Y Y Y Y
Court-domain FE Y Y Y Y Y
Observations 2,153,896 1,910,374 1,910,374 1,910,374 1,910,374
R-squared 0.000 0.000 0.093 0.049 0.056

Notes: This table examines whether cases selected for livestreaming differ systematically from other cases. Across columns, we regress the observable
case and judge characteristics on the livestreaming indicator. Dependent variables include: (1) an indicator for whether the assigned judge is identified as
plagiarizing (with a plagiarism rate that’s above the median); (2) the logarithm of the case’s monetary stake; (3) an indicator for whether the dispute is a
contract case; and (4)-(5) the logarithm of the registered capital of the plaintiff and defendant. All specifications control for week and court-domain fixed
effects. Standard errors, clustered at the court-domain level, are reported in parentheses. * p < 0.10, ** p < 0.05, *** p < 0.01.



Table A.7: Plagiarizing Judges and Corruption Investigations

(1) (2)

Corruption Investigation

Plagiarizing Judge 0.007#+* 0.006***
(0.002) (0.002)

Outcome mean 0.036

Judges’ Characteristics N Y
Entry Year FE Y Y
University FE Y Y
Court FE Y Y
Year FE Y Y
Observations 109,405 109,405
R-squared 0.179 0.184

Notes: This table examines the relationship between judges’
plagiarism and corruption investigations. The dependent
variable is a binary indicator equal to one if Judge i is be-
ing investigated for corruption in year t. All regressions in-
clude comprehensive performance controls: caseload handled,
share of major cases (proxied by the monetary size of claims),
number of junior judges mentored, and appeal rates. Each
regression also includes entry year, university, court, and cal-
endar year fixed effects, ensuring comparisons occur within
similar institutional and temporal contexts. Across all speci-
fications, standard errors are clustered at the court level and
reported in parentheses. * p < 0.10, ** p < 0.05, *** p <
0.01.
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Table A.8: No Sorting on Honesty between Junior Judges and Their Mentors

(1)

Plagiarizing Junior Judge

Plagiarizing Mentor 0.005
(0.008)
Court FE Y
Judge Cohort FE Y
Judge University FE Y
Court x Cohort FE Y
Observations 28,159
R-squared 0.399

Notes: This table tests for sorting on academic honesty
between junior judges and their senior mentors within the
same court. The dependent variable is a binary indicator
for whether the junior judge’s dissertation was flagged as
plagiarized (e.g. with plagiarism scores above the median);
the key regressor is the analogous indicator for the junior
judge’s mentor. The specification includes court, judge co-
hort, judge alma mater, and court-by-cohort fixed effects.
Standard errors clustered at the court-cohort level are re-
ported in parentheses. * p < 0.10, ** p < 0.05, ***
p < 0.01.
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Table A.9: Plagiarism-Ceiling Policy, Compliance Behavior, and Political Selection

(1) (2)
Public Official

Bunching Complier 0.0435%F% (0.0435***
(0.0105)  (0.0105)

Comfortable Complier —0.0563*** —0.0563***
(0.00716)  (0.00716)

Observations 74,753 74,753
R-squared 0.174 0.174
University FE Y Y
Major FE Y Y
Cohort FE Y Y
Controls N Y

Notes: This table compares the likelihood of entering the
public sector between two groups of students who comply
with their university’s plagiarism ceiling in distinctly dif-
ferent ways. The sample is restricted to post-policy co-
horts whose dissertations fall below their institution’s ceil-
ing. “Bunching compliers” are students whose plagiarism
rate lies in the five-percentage-point window just below
the ceiling ([threshold — 5, threshold)), suggesting strate-
gic compliance near the margin. “Comfortable compliers”
are students whose plagiarism rate falls below 20% of the
ceiling, indicating compliance with substantial headroom.
The omitted category consists of students between these
two regions. The dependent variable equals one if the in-
dividual later enters civil service. All specifications include
fixed effects for university, major type, and graduation co-
hort. Column (2) additionally controls for student char-
acteristics (gender, Han ethnicity, and national scholarship
status). Standard errors clustered at the university level
are reported in parentheses. * p < 0.10, ** p < 0.05, ***
p < 0.01.
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Table A.10: Anti-Plagiarism Enforcement among the “Surprised” Cohort

(1) (2)

Plagiarism Behavior =~ Public Sector Selection

Treated Graduates —0.614%** —0.551%**
(0.190) (0.186)
Public Sector x Treated —0.151
(0.190)
Public Sector 1.403***
(0.158)
Fixed Effects University, Major-Degree, Cohort FEs
Observations 51,270 51,270
R-squared 0.021 0.025

Notes: This appendix table reports the “surprised” cohort estimates separated
from the main Table 7. Column (1) reports the effect of policy exposure on pla-
giarism behavior among the surprised cohort. Column (2) reports whether policy
exposure differentially affects plagiarism among those selecting into public-sector
careers. Standard errors clustered at the university level are reported in paren-
theses. * p < 0.10, ** p < 0.05, *** p < 0.01.
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B CNKI Plagiarism-Detection Algorithm

Our primary measure of academic dishonesty is derived from the Academic Misconduct Lit-
erature Check System (AMLC, version 5.3), developed by CNKI. AMLC is the dominant
tool used by Chinese universities for detecting plagiarism in master’s and doctoral disser-
tations. This appendix details its corpus, detection technologies, diagnostic indicators, and
limitations.

Table A.11 summarizes the system’s technical features. The corpus provides comprehen-
sive coverage of both academic literature and other materials — such as government reports,
dissertations, conference proceedings, and datasets — produced outside traditional publish-
ing channels, thereby reducing opportunities to plagiarize from non-academic sources. The
system’s layered detection technologies extend beyond verbatim matching to identify para-
phrased or translated passages, as well as content embedded in non-traditional formats such

as tables, figures, and code.

Table A.11: Key Features of CNKI's AMLC (v5.3) Plagiarism-Detection System

Dimension Description

Reference Corpus Comprehensive coverage including: China Academic Jour-
nals, Books, Master’s and Doctoral Dissertations, Conference
Papers, Newspapers, Patents, Standards, Encyclopedias, Web
Content, Institutional Repositories, Work Reports, Political
Reports, and Project Proposals.

Detection ~ Tech- (i) String matching for verbatim copying; (ii) N-gram finger-
nologies printing to capture paraphrasing and synonym substitution;
(iii) Vector-space models (TF-IDF and semantic similarity) to
detect structural resemblance; (iv) Cross-language recognition
(Chinese-English translations); (v) Knowledge-unit recogni-

tion for tables, figures, equations, and code fragments.

The AMLC plagiarism-detection report provides a standardized set of diagnostic indica-

tors. Figure 1 illustrates a sample report. The main indicators are:

1. Overall Similarity Index (3¢ iHEE): the share of repeated characters in the

total character count of the submitted document.

2. Similarity Excluding References (Z:FR51H CHkEHILL): recalculated ratio after

excluding content identified as formal citations.
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3. Similarity Excluding References and Author’s Own Work (Z:FrA A SCHk5E
Hilllk): on top of excluding content identified as formal citations, recalculated ratio

after excluding overlap with the author’s other publications or dissertations.

4. Maximum Single-Source Similarity (*fjiai k3¢5 HIlE): the highest proportion

of overlap with any single source in the corpus.

5. Rounding Rule: similarity ratios are reported to one decimal place. A reported 0.0%

indicates either no detected overlap or overlap too minor to be meaningful.

In our analysis, we use the Similarity Excluding References and Author’s Own Work as
our baseline measure since it provides the most accurate assessment.

The reports are highly granular and interpretable. At the paragraph level, the system
pinpoints each overlapping segment and links it to the original source, allowing evaluators
to see not only what was copied but also from where. This granularity is crucial: it enables
evaluators to distinguish relatively minor overlaps in background or literature review sections
from serious misconduct in core analytical sections. To further enhance accuracy, the system
employs a clear color-coded scheme: red text highlights overlapping passages classified as
potential plagiarism; marks properly cited quotations; and brown-gray text iden-
tifies overlap with the author’s own prior work, automatically detected through metadata
and name matching. This design minimizes false positives by separating legitimate citation
practices and self-referencing from actual plagiarism. Reports are also generated conditional
on the detection type (e.g., master’s vs. doctoral thesis), the corpus cut-off date, and other
user-selected parameters, ensuring comparability across institutions and cohorts.

Despite its comprehensiveness, AMLC is not infallible. Detection remains constrained
by the coverage of its corpus and cannot capture ghostwriting or material outside CNKI’s
databases. Some evasion strategies remain effective, though increasingly limited.

A new frontier of challenge arises from large language models (LLMs). Since the release
of GPT-3.0 in 2020 — and especially following the surge of adoption in 2022, students have
been able to generate semantically novel, plagiarism-free text that evades similarity-based
detection algorithms. Current countermeasures adopted by universities — stylometric anal-
ysis, watermarking, and adversarial Al detection — remain in their infancy, and the “arms
race” between generative models and detection tools is likely to intensify. These LLM-related
challenges do not affect the interpretation of our findings in this paper, however, since our
study period predates the widespread adoption of LLMs.

In sum, AMLC v5.3 represents one of the most advanced plagiarism-detection systems

globally, combining wide corpus coverage with layered detection technologies. For the pur-
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poses of this study, it provides a valid and scalable measure of academic dishonesty at the

dissertation level.
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C Matching Dissertation to Public Officials

C.1 Matching to civil servants

Our analysis of political selection relies on two types of publicly available administrative
records mandated by Chinese law: rosters of newly admitted public servants and announce-

ments of official promotions.

Recruitment Rosters The public disclosure of recruitment information is mandated by
China’s €14 AR IEFIE A% F13E) (Civil Servant Law) and the A% GsgHE (R47))
(Civil Servant Recruitment Regulations). These regulations require that all proposed hires
(#h3% A f1) for government positions be publicly announced to ensure fairness, trans-
parency, and to allow for public supervision.

Figure A.2 provides an example of such a roster for the Shenzhen Customs office, posted
in 2021. As shown, these announcements contain rich individual-level information, including
the recruit’s name (44), gender (PEH), university (5MLFEfR), degree (i), and the
specific work position (% HH{7) they were admitted into.

We systematically collected these publicly available rosters for all government positions
included in the National Civil Service Examination from 2014 to 2022. The detailed in-
formation on these rosters, particularly the full name and university, allows us to execute
a high-quality match with the CNKI dissertation database, which contains each author’s
name, university, major, and graduation year. This matching process, described in Section
3.1, enables us to link an individual’s pre-career academic record to their entry into the

public sector, forming the basis of our analysis on the extensive margin of political selection.

Matching Flowchart and Procedure Figure A.8 illustrates the step-by-step procedure
for matching the rosters of 347,531 successful NCSE candidates to the universe of 6 million

graduate dissertations in the CNKI database. The process is as follows:

1. Initial Match: We perform an initial match based on an individual’s full Chinese name

and their listed university from the recruitment roster.

2. Disambiguation and Filtering: We apply a series of filters to ensure high-quality, one-

to-one matches:

o Temporal Consistency: The matched dissertation’s graduation year must precede

the year of the civil service exam.
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e Common Name Exclusion: To mitigate false positives, our baseline specification

excludes matches involving names within the top 1,000 of frequency.

e Uniqueness Requirement: If a single candidate could be matched to multiple

plausible dissertations, the observation is conservatively excluded.

3. Final Sample: This procedure results in our final matched sample of 66,433 civil ser-

vants.

Match via Name, Year, Major, Location
(Drop top 1,000 comrfion names) Public Service Rosters (2014-2022)
[6 Million Dissertations] a) 350K Newly Admitted Civil Servants from the National Exa
b) All Active 190k Judges

Y
66k Matched Civil Servants 61k Matched Judges
[4001{ Random Classmates]

(17%, 63% for postgrads) (32% matching rate)
\ ! /

[Final Sample: 0.52 Million Dissertationsj

Run Plagiarism Detection

Y

Plagiarism Detection Outputs

1) Overall similarity indicators (excluding references & own prior work.).
2) Paragraph-level plagiarism (background vs. core analytical sections).

Figure A.8: Data Linking and Sample Construction Flowchart

To ensure our results are not sensitive to the specific cutoff for common names, we conduct
a sensitivity analysis. We re-run the entire matching process and our main regressions using
different exclusion thresholds (e.g., top 1%, 10%). Our main findings remain robust across

these specifications.

C.2 Matching to judges

We apply the same general matching procedure described above to link the roster of 190,871

judges (constructed from court verdicts) to their dissertations.

Validation Checks To validate the accuracy of our automated matching algorithm for
this sample, we perform a check using a hand-collected set of “notable” judges with publicly
available biographies (e.g., court presidents, senior judges with profiles on Baidu Encyclope-

dia). For this “ground truth” sample, we can manually verify their educational background.
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We find a very high match rate (over 95%) and accuracy for this validation set, which in-
creases our confidence in the quality of the matches for the broader sample of judges used

in our analysis.
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D Survey Design and Questionnaire

D.1 Survey Design

To examine whether past instances of plagiarism are associated with long-term personal-
ity traits — including current levels of integrity — we conducted an incentivized survey in
collaboration with a research institute in China during its recruitment process. The insti-
tute was hiring legal professionals for a senior product manager role focused on developing
large language models for legal applications. The primary responsibilities of these positions
included participating in or leading legal research teams and collaborating with technical
teams on the development of legal artificial intelligence systems.

Applicants were required to hold a master’s degree or higher and were recommended to
have at least 3-5 years of relevant work experience. Preference was given to candidates with
experience in judicial organs, government agencies, law firms, corporate legal departments,
legal technology companies, or academic research institutes. As part of the application pro-
cess, candidates were asked to upload their master’s or doctoral dissertations for evaluation of
their research abilities, which we later used to detect instances of pre-graduation plagiarism.

After completing their basic information online, applicants were invited to participate
in a questionnaire designed to measure their personality traits. They were informed that
participation was entirely voluntary and that their responses would remain strictly confiden-
tial, used solely for academic research, and would neither be shared with the hiring firm nor
affect their application outcomes.

In the survey, we elicited applicants’ honesty levels along with other personality traits,
such as openness, conscientiousness, extraversion, agreeableness, and neuroticism. Below,

we reproduce the full survey module with English translations.

D.2 Questionnaire

This section details the questions asked to respondents to elicit their personal traits. For

each question, the original Chinese text is provided, followed by its English translation.

V8 21 e BT NG i Y A N s N < B 2 S S QL BT
English: When communicating with others, which approach do you think better pro-

motes effective communication?

o ALRFEXT T SRS A Sy FRETT

A. Adjusting my expression based on the other person’s feedback.
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o B. IRFHE SATE -G e B

B. Adhering to the clarity and completeness of the information.

2. JURTLE: eV B L, GOACHIEFMEOA A BT HE B E?
English: In terms of managing items, which practice do you find more helpful for daily

operations?

o ACRTAER S AN o BT

A. Storing work supplies and personal items separately.

o B. w8 T AF AR R U S

B. Storing frequently used items together to improve accessibility.

3. SIS TR E MR R TR g, AR AR
English: Regarding reimbursement for small transport costs during business trips,

which approach do you agree with more?

o AL JUAKHR BUSCER R A ) BT, MR —SEECE T
A. Strictly reimburse according to actual spending, ensuring documentation for

every item.

o B IEAFEHUEMBEN, F—LAG RPN T B (k. A%) #TH
M EIF R, SRR i b7 5.
B. Within policy limits, reasonably bundling small expenses (e.g., subway, bus)

for reimbursement is acceptable.

4. AW e T [RGB, GO MR A Y
English: When giving feedback to a colleague, which approach do you think is more

important?

o A RSCH XTI, DA R 5 AR L

A. Prioritize the other’s feelings; offer encouraging, affirmative suggestions.

« B SCH BB WL, EEE IR R 2t AL

B. Prioritize clarity; directly and objectively point out needed improvements.

5. JURTLE: XTI B A RE, BN WA 2 S ARAS B Bl ?
English: For long-term career development, which do you consider the more funda-

mental basis?

o AL ANRYFFERA S RESIHRTT

A. Personal continuous effort and skill improvement.
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6.

10.

 B. b ol BREEiyLE S .

B. Opportunities and trends in the industry environment.

JERE D 3 2 5 UL B AR AR Ty S B T R ?
English: When encountering a disagreement, which method do you think helps resolve
it best?

o AR TR I E A

A. Seek common ground through calm discussion.

o B b WLl O BT R

B. Spark new ideas through clashes of viewpoints.

EBEIDEE: hy T A ORAE 55 F S, R ] TR
English: To ensure tasks are finished on time, which approach do you prefer?
o A SERTTOE [ E A N AL H B AR AT
A. Set internal deadlines in advance and follow them strictly.

o B FEPATH R TE VR A [R) 2 HE DA X 52 B afk e
B. Flexibly adjust scheduling during execution.

JEBG IS T SR AFTAIE, BSEEARBRARh I 307
English: Regarding dealing with different people, which approach do you agree with

more?

o A PREF BN, DARCIHOR— St 5T

A. Maintain a consistent communication style to build trust.

o B. RIGAEE IR A AE X 5 2T 15
B. Flexibly adjust interaction style to the other’s habits.

JUGHNE: eI, Golmmm@e?

English: In team meetings, what is your usual role?

o AR IR, T BHECR AN A

A. Actively share views to stimulate and clarify ideas.

« B JEleWTIEE, FAEMGE R

B. Listen and observe first; speak after forming mature views.

BARIDEE: 7 B R S A IEA T SR S, T

English: When evaluating a promising but uncertain proposal, which do you prefer?
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11.

12.

13.

14.

o ACRBPIFEEETATEEIR, BOR T SR

A. Identify and assess all risks to ensure robustness.

o BUIMEROHMEMPLS, bty

B. Seize core opportunities and refine details as you go.

SRR R ETC R PSR LR AT A EIETE R (40, — (LR =37l A wde
W), HZEFEITRE, Ga?
English: 1f you learn of positive but non-public company information (e.g., a colleague

may be promoted) and that colleague asks, what do you do?

o A FIRAEVRE, SRS OREE).

A. Say you don’t know or cannot comment; adhere to confidentiality.

« B FEAREFRUAEE T 4 TR /5.

B. Give some positive hints without revealing sources.

WEAG ) A E AT R AR AT 55, RS ) T MR AL ?
English: For repetitive tasks, which approach do you prefer?

o A JURIRBEEIRAEIT, ABEITEBE
A. Follow established procedures strictly.
o B. Rt SO E A AL A
B. Identify improvements and optimize processes.

WG IDEE: 24—~ B H R E R AL A A SR — SNl 2

English: When an important project faces an obstacle, what is your first reaction?

o A TPAERINMEDL, MU ORIMES.

A. Assess worst-case scenario to be prepared.

o BoEIREE T2 R AT R
B. Quickly focus on the next step and find a feasible action.

AN ) L E A = R N DK (Y TNV AR Y e L B g Wi
English: Before starting the day, which prep do you prefer?

o A HETEAIRY HitR) (mal 565)
A. Make a detailed plan with times and steps.

o B. 9| 5 F BT 551 B e o N ).
B. List key tasks and leave buffer time.
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15.

16.

17.

18.

19.

Y I H S e NS o (SR A RN 5 DY

English: Regarding teamwork, which do you agree with?

o A PIBSER RS TSR

A. Team success results from collective effort.

« B. WS AT BT30S .

B. Clear individual contributions help motivate and evaluate.

JEIG IS T RIS, TR 7
English: Regarding unexpected opportunities, which is your preference?
o A HREE A THE.
A. Carefully consider if the opportunity complies with norms.

o B. il dEREMERES H L2

B. Tend to seize opportunities that advance the project.

B IDEE: ST RUANEN, BRI AR

English: Regarding rules and principles, which view do you agree with?

o AR AT SRCRMEERE, BTN
A. Rules underpin fairness and efficiency and should be strictly followed.

o B FERPEEELD T Al 5 AL PATS e H AR

B. In some situations, rules can be flexibly adapted to achieve higher goals.

BUSHE: ARG LR s T EES, S ?

English: 1f a jointly authored report omits your name, how would you respond?

o AR5 0TT AR H T RN

A. Privately communicate with the lead and seek remedy.

o Bl B UE (IRPFDIRA XT7) B PR A5 2 il .

B. Use formal channels (e.g., cc relevant parties) to resolve the issue.

G IDE: A ME S S S ny T H 45 RANBEAE, S nfel £ 207

English: 1f your team’s output is subpar, how would you present it?

o A & BETA BRIt i L.

A. Present all data and an analysis of the issues.

o B. 3RS RO RS Sk
B. Highlight strengths and briefly mention challenges.

A.29



20. JRASIDE: R AE SRR KRR A g, St AR L 7

English: 1f a famous author is accused of heavy borrowing, which view do you hold?

o A EBEMATFRIIREER (PR TE)

. If true, this is serious plagmmsm and should be publicly addressed.

A DL RIS X

. Responsible to clarify sources and honestly confront oversights.

SCEARE, MREDE

Literary borrowing exists; avoid rushing to label as plagiarism.

HER G, BORPEI & ) i SR A

D. If the work is impactful and popular, technical attribution is less central.

O Qa0 WwwW

21. JRURINEE: X T me s AR B g, G e MR AL 7
English: Regarding students paying others to take exams, which view do you hold?

o AL BIERAERE, R ALEE.
A. Clearly cheating; should be dealt with seriously.

« B. A%, HEHEESAMFE AL

B. Not acceptable, but sometimes occurs due to anxiety/necessity.

o C. B R H S T2, AR,

C. Not surprising given institutional pressures.

o D. SR i ] B2 R

D. Reflect on the exam system rather than single incidents.

22. JUGRWLE: KT RGEIe TS, G b MR LR

English: Regarding outsourcing thesis writing, which view do you hold?

o AR ARG, B BB

. Academic misconduct; must be resisted.

AN, BARZ NHE 805

. Discouraged, but real pressures push people to it.

FURR i RER) — LAl (Ealfk)

Mostly a coping response to formalities.

KR A, R EZ.

As long as one graduates, technical authorship matters less.

bcgomw>
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23. BURIDE: T RO AR, G AL

English: Regarding allegations of design copying, which view do you hold?
o AHREMMUEINTZE, BoRIESHE.

. Heavy similarity equals plagiarism, responsible.

A 5 A AR, ARk Y R

. Imitation vs. originality is fuzzy; firms should clarify.

ATUASH LR, HEAKIER.

. Industry often references each other; consumers less concerned.

SRR, AR ).

D. Style and price matter more than originality to many consumers.

O o0 W W

24. JARWDE: TR, G AL

25.

26.

27.

English: Regarding data falsification in research, which view do you hold?

o A HdRiERE, VIR
A. Data fraud is serious and must be punished.
o BoEAY, ERWIES R B I E A R
B. Wrong, but systemic pressures matter.
o C. RLEBIIA KO, AR XL
C. Some data adjustments occupy a gray zone.
o DA AN, SRMEALBEIA—E K.
D. If results don’t affect applications, technical adjustments may be less problem-

atic.

BN AT HMBBWIEA (A, 49F) AR ER.
English: Receiving positive external evaluations (awards, praise) is important to me.

Scale: Strongly disagree — Strongly agree (5-point Likert).

SR 5 EAT ARG, REAF AR k.
English: Comparing myself with peers and coming out ahead gives me a strong sense
of achievement.

Scale: Strongly disagree — Strongly agree (5-point Likert).

R 8 ER R — R I AR RS, AR, SRR e
English: If colleagues share an unauthorized software account and you need it, how
likely would you use it?

Scale: Very unlikely — Very likely (5-point).
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28.

29.

30.

31.

32.

33.

B FER RS B GRS RATT A ], B AT B
English: Your supervisor suggests skipping a formal compliance registration to save
time. How likely would you comply?

Scale: No chance — Definitely (5-point).

BRI RINBAAR L RER, B LA PRI — X B A FIER %
A M s ?

English: 1f no legal/disciplinary consequences, would you conceal an unfavorable fact
for yourself but beneficial to a client?

Scale: No chance — Definitely (5-point).

S g [l B, RS B TAE A 2 K7
English: Over the past two weeks, how heavy was your perceived workload?

Scale: Not at all — Extremely (5-point stress scale).

G e 25T AR H AR, QRS2 BIRRS ) TH AR B f ] ?

English: At the end of most workdays, how much energy do you feel you have ex-
pended?

Scale: Not at all — Extremely (5-point).

JG RS REZBANIEAEAIEINBNEL T, 2R T ANFERd.”

English: “Most people would lie for personal gain if they were certain they would not
be caught.”

Scale: Strongly disagree — Strongly agree (5-point).

JEBG IS FERIBAIH B, BN TTikoN R AR gy, AT LR E 4 .
English: In team projects, even if my contribution isn’t core I would accept shared
authorship.

Scale: Never — Very frequently (5-point frequency).

D.3 Dice Game for Measuring Honesty

To measure respondents’ honesty, we implemented a dice-rolling game with financial in-

centives. The design ensures that individual reports cannot be verified, thus creating an

opportunity for dishonest reporting for personal gain.

The instructions presented to the participants were as follows:

515 (Introduction): Jy B ESE AR B AIHS , A IR s E 175 2] 5

KB G R o SRR P RO Z RO 0T DAGE A T L A R U
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¥, BCEMREA O, IRES L BT TR (fERE) et
EZ\

English Translation: To thank you for completing this survey, we will issue you a
cash reward through a method of your choice. The reward amount will be determined
by the outcome of dice rolls. You may use the virtual dice provided on this page, your
own physical dice, or any online dice-rolling tool (like a WeChat emoji) to complete

this part.
o RN (Reward Rules):

— Wi 9 KPR B A <67, R 5o Blae .

First 9 rolls: For each 767 you roll, you will receive a 5§ RMB cash reward.
— 10K (ha—&k) PR AERPEH <67, BURIRIG 20 5 Bl .

The 10th (final) roll: If you roll a ”6”, you will receive a 20 RMB cash

reward.

« IEHPERIE (Anonymity Guarantee): Wi fREE4 IO AR, ROHA SR
RGBT S R T e FOr RS A8
English Translation: To ensure effective anonymity, the system will never record
or monitor your individual dice roll results. The final bonus depends entirely on the

results you report below.

After the rolling phase, participants were asked to self-report their results using the

following two questions:

1. FERi 9 IRFEL, —3d®2JLk “6” 7 (In the first 9 rolls, how many ”6”s did
you record in total?)

2. TEES 10k (ela—k) #880h, REGHH T “6” 7 (In the 10th (final) roll, did you
roll a "677)

The total reward was calculated based on these self-reported answers. The difference be-
tween the reported outcomes and the statistically expected outcomes serves as our proxy for

potential dishonesty.

D.4 Mapping Survey Questions to Personality Traits and Honesty
Beliefs

The following table links each survey question to the psychological or behavioral trait it is

designed to measure, using the question numbers from Section D.2. Items that plausibly
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load on more than one construct (e.g., Q12, Q15, Q33) appear in more than one row; this is

noted explicitly in the description.

Question Measured Trait Description

Number(s)

Dice game Honesty (Behavioral / Incentivized reporting task; the deviation
Revealed) of reported outcomes from statistical ex-

pectation measures dishonest reporting.

3 Situational Expense Tolerance for bundling/over-claiming small
Honesty (Belief) expenses; measuring context-dependent fi-

nancial honesty.

11 Situational Confidential- Likelihood of disclosing non-public com-
ity (Belief) pany information when asked; capturing

conditional respect for confidentiality.

21 Exam Cheating (Belief)  Attitude toward paying others to take ex-
ams (academic integrity).
22 Thesis Ghostwriting (Be-  Attitude toward outsourcing thesis writing
lief) (academic integrity).
20, 23, 24 Attitudes toward Third- Items on famous-author plagiarism
Party Misconduct (20), design copying (23), and research

data falsification (24); measuring toler-
ance for/condemnation of misconduct
attributed to others.

27, 28, 29, 33 Honesty (Attitudinal / Items on using an unauthorized software
Personal Propensity) account (27), complying with a supervi-

sor’s suggestion to skip a formality (28),

concealing client-relevant facts in the ab-

sence of sanction (29), and accepting joint

authorship despite a marginal contribution

(33); measuring willingness to break rules

or norms for private gain. (Q33 also loads

on Opportunism.)

32 Cynicism / Belief about Agreement with the statement that most
Others’ Honesty people would lie for personal gain if un-
detected; measuring generalized distrust of

others’ honesty.
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Question
Number(s)

Measured Trait

Description

2,7, 12, 14

Conscientiousness /
Time Management /

Orderliness

Items on separating work and personal
items (2), setting and following internal
deadlines (7), adherence to established pro-
cedures in repetitive tasks (12), and de-
tailed daily planning (14); measuring or-
derliness and time management. (Q12 also
loads on Rule Adherence.)

Extraversion

Active sharing in meetings vs. quiet ob-
servation; measuring sociability and verbal

assertiveness.

4, 15

Agreeableness / Cooper-

ation

Prioritizing others’ feelings in feedback
(4) and viewing team success as collec-
tive rather than individual (15); measuring
agreeableness and cooperative orientation.

(Q15 also loads on Teamwork Orientation.)

6, 10, 16

Openness to Experience

Preference for clashes of viewpoints to
spark new ideas (6), seizing core oppor-
tunities while refining details in motion
(10), and embracing unexpected opportu-
nities (16); measuring openness and cogni-

tive flexibility.

12, 17

Rule Adherence vs. Flex-
ibility

Strict execution of established procedures
vs. process optimization (12) and strict
adherence to rules vs. situational flexibil-
ity (17); measuring disposition toward rule-

following.

19, 33

Opportunism / Impres-

sion Management

Emphasizing strengths over full disclosure
when output is subpar (19) and accept-
ing credit for marginal contributions (33);
measuring opportunistic self-presentation.
(Q33 also loads on Attitudinal Honesty.)
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Question Measured Trait Description

Number(s)

30, 31 Neuroticism / Stress Re- Perceived workload over the past two weeks

activity (30) and end-of-day energy depletion (31);
measuring stress and emotional reactivity.

13 Stress Reactivity to Ob- Reaction to sudden project obstacles (as-

stacles sessing worst-case vs. focusing on the next
feasible step); secondary indicator of emo-
tional reactivity and coping style.

5 Locus of Control Long-term career basis (personal effort vs.
industry opportunities); measuring inter-
nal vs. external locus of control.

1,8 Self-Monitoring Adapting expression to others’ feedback (1)
and adjusting interaction style across peo-
ple (8); measuring self-monitoring and be-
havioral flexibility in social settings.

10, 16 Risk Preference Evaluating uncertain proposals (10) and
accepting unexpected opportunities (16);
measuring risk-seeking vs. cautious orien-
tation.

18 Assertiveness / Conflict Choice between private informal vs. for-

Resolution Style mal escalated channels when handling an
authorship omission; measuring assertive-
ness in workplace conflicts.

25, 26 Achievement Motivation Importance of external recognition (25)

and satisfaction from outperforming peers
(26); measuring achievement motivation

and competitiveness.

Table A.12: Mapping Survey Questions to Personality Traits and Honesty Beliefs
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E CJO Data

China Judgments Online (CJO) is the official publication platform for court decisions in
China. While the publicized documents are widely considered authentic and reliable, a
potential concern with the CJO is missing data — some judgment files are excluded without
justification. This occurs for two main reasons: (1) in its early years, local courts may not
have uploaded all cases (Ahl et al., 2019; Liebman et al., 2020); and (2) in 2021, the CJO
reportedly removed a batch of “politically sensitive” criminal cases. However, these omissions
are unlikely to affect the analysis in this paper, which focuses on civil and administrative
cases.

The deletion issue primarily affects criminal cases, as reported by various media outlets."
For civil cases, the missing rate is significantly lower. We cross-validated our data with
national-level aggregate case numbers from the China Statistical Yearbooks (2015 — 2021)
published by the National Bureau of Statistics. Appendix Figure A.9 shows that, as local
courts improved their capacity to digitize case files, the missing rate for civil lawsuits fell
below 10% in recent years.? A substantial portion of missing files likely pertains to exempted
cases involving privacy or juveniles, leaving limited scope for strategic case omissions.® More-
over, since 2018, we have been collecting CJO data daily, ensuring that cases deleted after
publication, including the batch removed in 2021, remain in our sample.

The CJO is required to disclose the full universe of court verdicts, but disputes settled
outside of court are not captured in these data. China’s settlement rate is far lower than

that of the U.S., largely because litigation costs are significantly lower.

'https://wuw.rfa.org/mandarin/yataibaodao/renquanfazhi/ql-07162021074351.html

2Many missing cases documented in earlier studies were backlogs caused by capacity constraints. These
files were later digitized and added to the CJO. For example, Liebman et al. (2020) reported 45% of criminal
judgment files missing in 2014; as of 2022, 60% of these have been added to the website and are included in our
sample. Early digitization efforts became a key performance indicator (KPI) for local judges, incentivizing
the resolution of backlogs.

3These missing rates align with alternative calculations based on gaps in case reference IDs, which follow
a consecutive numbering system.
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Figure A.9: Missing Rate of First Instance Court Decisions

Notes: This figure shows the missing rate of first-instance court decisions over time. Follow-
ing the methodology of Liu et al. (2023), the official number of first-instance civil cases is
taken from the China Statistical Yearbook (2015 —2021), published by the National Bureau
of Statistics. The corresponding figures from our dataset are based on cases tried between
2014 and 2020 and released on China Judgments Online before August 2022.
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F Case Domain Classification

This appendix describes how case domains are defined for civil and administrative cases in

our judicial performance analysis (Section 5.1).

F.1 Civil Case Domains

For civil cases, we follow the Supreme People’s Court’s Provisions on Causes of Action
for Civil Cases ( (FEFFREZMEFAEY ).* This official classification system assigns each
civil lawsuit a cause of action (%, anyou) based on the nature of the underlying legal
relationship in dispute.

The system is organized into four hierarchical levels:

« First level (12 categories): broad legal fields such as “Personality Rights Dis-
putes,” “Contract Disputes,” “Property Rights Disputes,” and “Intellectual Property
Disputes.”

« Second level (59 categories): major dispute families within each field—for exam-
ple, under “Contract Disputes,” the second level distinguishes sales contracts, service

contracts, lease contracts, and financial contracts.

o Third level (514 categories): specific cause-of-action types—for example, “Sales
Contract Disputes” (GE3E6[R24y, Purchase-and-Sale Contract Disputes), “Private
Lending Disputes” ([ 7¥2H%r), “Financial Loan Contract Disputes” (4xRlfEak
[M2%y), or “Property Management Service Contract Disputes” (¥ k%5 &R 247).

« Fourth level (470 categories): narrow sub-types used only when a more precise

classification is warranted.

We use the third-level cause of action as the domain identifier in our regressions. This level
is granular enough to capture meaningful variation in case composition, while remaining
coarse enough to ensure sufficient within-cell case volume for the court x domain fixed effects.
Courts are instructed to select the most specific cause of action available, so the third level
is the modal classification granularity in practice. Our civil case sample spans 19 third-level
domains that each account for at least 0.5% of cases, collectively covering roughly half of all

civil cases.

4Available at https://www.court.gov.cn/zixun/xiangqing/484231.html. The most recent version,
amended in 2025 (Fa [2025] 226 %5) and effective January 1, 2026.
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F.2 Administrative Case Domains

Unlike civil cases, Chinese administrative litigation does not have a standardized cause-
of-action classification system with comparable granularity. The Supreme People’s Court’s
administrative case categories are relatively coarse and do not capture the substantive policy
domain of the dispute.

To construct meaningful domain categories for administrative cases, we fine-tune two

text classification models on the full text of administrative case rulings:

1. LSTM classifier. A bidirectional LSTM with attention, trained on a hand-labeled
subset of approximately 5,000 administrative cases, achieving 89% accuracy on a held-

out test set.

2. LLM classifier. A fine-tuned large language model (based on ChatGLM), used to
validate and supplement the LSTM predictions. Cases where the two models disagree

are adjudicated by the LLM classification with manual review of edge cases.

Table A.13 lists the resulting administrative case domain taxonomy, together with brief

descriptions of each category.
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Table A.13: Administrative Case Domains

Domain Share (%) Description

Land / Demolition 43.4 Land expropriation, demolition and reloca-
tion, land-use rights disputes

Police 22.8 Public security administrative actions, de-
tention decisions, administrative penalties by
police

Labor 16.0 Labor inspection, work-injury certification,
social insurance disputes

Property 14.0 Property registration, real estate permits,
construction approvals

Fraud / Scams 2.2 Government response to financial fraud,
Ponzi schemes, consumer protection actions

Environment 1.5 Environmental enforcement, pollution penal-
ties, ecological compensation

Veterans 0.2 Military service benefits, veteran resettle-

ment, disability assessments

Notes: This table lists the administrative case domains used to construct the court—-domain fixed
effect for administrative (government) win-rate regressions. Domains are classified by fine-tuning
a bidirectional LSTM with attention and a large language model (ChatGLM) on the full text of
administrative case rulings. “Share” is the proportion of administrative cases in our sample.
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G Promotion and Corruption of Public Officials

G.1 Promotion
G.1.1 Sources of Data

To study the intensive margin of political selection, we construct a panel dataset on the career
trajectories of public officials by tracking promotions using two types of publicly available
information, as illustrated in Figure A.10. The first source is formal, legally mandated pro-
motion announcements (FHF}/2478), an example of which is shown in Panel (a). These notices
provide details of personnel appointments ({f:) and promotions (¥ F}), such as promoting an
official to “First Level Principal Staff Member” (—2 F:4L:#} 51). The second source is news
reports published on official government websites and WeChat accounts. As shown in Panel
(b), promotions are often revealed by the appearance of an official’s new title in coverage of
their work.

We systematically search for officials by name, scrape their data from these sources, and
parse text to extract their titles. By combining formal notices with text-based tracking, we
build a detailed record of career progression. This allows us to measure promotion status

and examine its correlation with an individual’s pre-career plagiarism score.

QIR BHE =a Br me nF mE WA E7 RE B A9 BH BS-

ol IRARABEE AR - E3

J
EFANSHALARRLRH® SR IFER

(a) Example of a Formal Promotion Notice (b) Example of News coverage

Figure A.10: Sources for Tracking Career Progression

G.1.2 Mapping Official Titles to Rankings

The core challenge in classifying an official’s rank from text is that a title like “Director”
can correspond to different levels depending on the administrative context. To address this
challenge, we combine keyword identification with contextual analysis to systematically map

titles to the official ranking system.
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Step 1: Create a Keyword Dictionary for Titles The civil service system uses two
parallel hierarchies: Leadership Positions (J145/Z1K) and non-leadership Ranks (BHgf). We
first identify keywords for both.

A. Leadership Position (f}155) Keywords These are traditional titles indicating a

managerial role.

Common Title (F% Formal Level (55)2K) English Equivalent
i)

EIRSWAEES JT g aEHR Director-General / Department
Head

AlEH / BRK T SR i B Deputy Director-General

/B / REK AR Division Chief / County Magis-
trate

R / ERAK BLAL 2 IR Deputy Division Chief

FHC /K 2o Section Chief / Township Head

HIRHS / Bl EZE G Deputy Section Chief

B. Rank (I%;) Keywords These non-leadership titles map directly to a level and

are less context-dependent.

Rank Title (I}14%) English Equivalent

— 4 | TR B Inspector  (First/Second
Class)

—2% 2 U2 JH A G Investigator  (First  to
Fourth Class)

—2% 2 U2k FATEF Principal Staff Member
(First to Fourth Class)

—2 ) B Staff Member (First/Sec-
ond Class)

Step 2: Identify the Government’s Administrative Level The rank of a leadership
title is determined by the level of the government unit. An official’s work unit must be

classified into one of these tiers:

1. National / Central Level
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2.

3.

4.

D.

Provincial / Ministerial Level
Prefectural / Department Level
County / Division Level

Township / Section Level

Step 3: Apply the Mapping Logic

1.

If a Rank (I1g}) title is present, use it directly. For example, a mention of a

“ AR (Inspector Second Class) maps directly to numerical levels 15 to 10.

. If only a Leadership Position (I}{5%) title is present, combine it with the

administrative level. For example:

o A #H]¥ (Director) in a National ministry is a JTJ5Zt1EH (Department Head).

o A fbK (Division Chief) in a Provincial department is a HACZEIER (County
Head Level).

Step 4: Convert Level Range to a Single Score The official sources provide a nu-

merical range for each rank (Level 27 is lowest, Level 1 is highest). For analysis, we convert

this range to a single number, typically the midpoint or the minimum level (the higher

number, which represents the entry-point for that rank).

Example Application

Input Text: “[ERK%kkZ e % EE a1, (Director of the Basic Infrastruc-
ture Development Department at the National Development and Reform Commission
(NDRC) ...)

Step 1 (Keyword): The title is &K (Director).

Step 2 (Admin Level): The unit is [E% kik% (NDRC), a National/Central

ministry.

Step 3 (Mapping): A & at the national level corresponds to JTJRZIEBH (Depart-
ment Head Level).

Step 4 (Scoring): This rank corresponds to numerical levels 13 to 8. Using the
midpoint, the score is (13 4+ 8)/2 = 10.5.
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G.2 Corruption

To provide corroborating evidence that our plagiarism measure captures a propensity for
real-world misconduct, we construct a dataset of judges who faced disciplinary actions or
corruption investigations. We collect these data from public bulletins on the official websites
of China’s anti-corruption bodies, namely the Commissions for Discipline Inspection (CDI)
and the Supervisory Commissions at the provincial and prefectural levels.

These public announcements come in two primary forms, as illustrated in Figure A.11.

First, as shown in Panel (a), local disciplinary committees issue brief, formal notices
announcing that an official is under investigation. This example from the Huangshi City
Commission for Discipline Inspection states that a specific court official is "undergoing dis-
ciplinary review and supervisory investigation” for ”suspected serious violations of discipline
and law.”

Second, as shown in Panel (b), the Central Commission for Discipline Inspection (CCDI)’s
official newspaper often publishes detailed follow-up articles and case profiles after an inves-
tigation is concluded. This example profiles a judge who was tried for corruption, explicitly
mentioning he was expelled from the party and public office for taking bribes.

By collecting these records and matching the names of the officials to the judges in our
main dataset, we create a binary indicator for whether a judge was ever the subject of a
formal corruption investigation. We use this as a key outcome variable to validate that a
pre-career history of academic dishonesty is a significant predictor of high-stakes professional

misconduct.

A) ERREHEEEEERS

AR | MAE | EREw | RS ) EREAN | KRS | RIEE

CRETEERERS

L4 e o214 4 STk R H}ETII‘-}‘U r?!]f}_f']]'
pprrp— e ML TUBE M K S P M
e L S

200684 )) ¢ EME S I G0 JE A IR EE R PN AN BC - RN Lo A S
HREEZE &

e - E5 % - 2010 § LR LS

BT R G+ PPN « ST MIFBRRL - IF P - FISESH o« Sl
BANPESERNS ! TR MM ¢ AT MNP - & AN
Ao A LR RR P R A FLER N N K - PO VYR A RO O AR ARG - TRER 2 AR AR B R )
ME W0ISSELOH « SRR TR A THEEE GOiiTRe R TR - BES
WA DML A LR - SRR - ECAN S
(a) Example of a Formal Investigation Notice (b) Example of a Detailed Case Profile from
from a Prefectural Disciplinary Committee. the CCDI’s Official Newspaper.

Figure A.11: Sources for Data on Judicial Corruption Investigations
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